
 
 

VSM   1 

 

Inst i tute of  Educat ion Sciences  

 

Fourth Annual  IES Research Conference  

Concurrent  Panel  Session  

 

“Why the Research Community Should Take  

Notice of  Statewide Longi tudinal  Data Systems ” 

 

 

 

 

 

 

 

 

 

 

 

 

Tuesday 

June 9,  2009  

 

 

 

 

 

 

 

 

 

 

 

 

Marriot t  Wardman Park Hote l  

Thurgood Marshal l  North  

2660 Woodley Road NW  

Washington,  DC 20008 



 
 

VSM   2 

Contents  

 

 

Moderator:  

 

  Lee Hoffman,  NCES      3   

  

 

Presenters :  

 

  Tate Gould,  NCES 

   

 

    “What  Data Can We Get  From Statewide  

     Longi tudinal  Data Systems? ”                   5  

 

 

  Sean Mulvenon  

  Universi ty of  Arkansas  

 

    “How Are Researchers  Using Data From  

     S tatewide Longi tudinal  Data Systems? ”        20 

 

 

  Jane Hannaway 

  Center  for  the Analysis  of  Longi tudinal  

  Data in  Educat ion Research  

 

    “How Can Researchers  Use St atewide 

     Longi tudinal  Data Systems to Inform  

     Educat ion Pol icy? ”                            43 

 

 

Q&A                                                62 

 

  

 



 
 

VSM   3 

 Proceedings  

 MS. HOFFMAN:  Good morning .  The doors  are closed so I take 

that  as  indicat ion that  we‟re ready to s tar t .  Okay.  Welcome to this  session .  

My name is  Lee Hoffman .  I work with IES and I would l ike to  welcome you to 

a conversat ion on why the research community should take not ice of  

Statewide Longi tudinal  Data Systems .  We proposed this  topic because there ‟s  

been t remendous amount  of  growth in  the number and capaci ty and 

sophis t icat ion of  these systems over the las t  5  years  or  so,  and a fai r  amount  

of  i t  has  been fueled by Department  of  Educat ion grants  that  have supported 

the development  o f  s tate systems and that  have included a requirement  to  

make the systems data useful  and accessible for  research,  inst ruct ion 

improvement ,  running schools .  

 There are three presenters  this  morning .  They‟re going to  look at  

di fferent  aspects  of  using data f rom these Statewide Longi tudinal  Data 

Systems.  I‟d l ike to  int roduce each one of  them brief ly,  and then in  the order  

that  they‟l l  be talking with you,  and then turn the session over to  them.  

 Tate Gould,  fai r ly recent ly,  fai r ly recent ly,  received his  docto rate 

in  educat ion pol icy from the Universi ty of  North Carol ina .  He came to NCES 

about  a  year -and-a-half ,  2  years  ago.  He had worked with the Hunt  Inst i tute in  

North Carol ina on educat ion pol icy where he was involved in  a couple of  

different  s tudy areas .  

 Dr.  Gould has  been the principal  lead in  the IES,  the Inst i tut e of  

Educat ion Sciences ,  Statewide Longi tudinal  Data Systems Grants .  He was in  

charge of  the recent  compet i t ion that  was just  awarded that  led to  something 
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more than two dozen State Systems Grant s  being issued to  s tates .   

 He‟s  managing the upcoming grant  compet i t ion that ‟s  funded 

under the American Recovery and Reinvestment  Act ,  which wil l  be large.  We 

don‟t  know how many s tates  wil l  be—how many grants  we‟l l  be able to  fund 

or  how many appl icat ions there wil l  be .  They‟re compet i t ive grants ,  but  i t ‟s  

about  a  quarter  of  a  bi l l ion dol lars .  

 Tate is  going to  give an overview of the SLDS Grants  Program 

and talk about  the content  and the access  to  these that  apply to  research users .  

 Sean Mulvenon has  a  doctorate in  measurement  s tat is t ics  and 

methodological  s tudies  from Arizona State Universi ty .  He is  a—you got  

another  one out  there—he‟s  a Professor of  Educat ion Stat is t ics  and Research 

Methods at  the Universi ty of  Arkansas ,  and at  the Universi ty of  Arkan sas ,  he 

establ ished and he directs  the Nat ional  Office for  Research on Measurement  

and Evaluat ion Systems,  or  NORMES.  

 Dr.  Mulvenon is  going to  focus on longi tudinal  data uses  and 

caveats ,  part icularly in  growth model  research.  

 Jane Hannaway‟s  doctorate in  educat ion was awarded by Stanford 

Universi ty.  She is  current ly a principal  research associate at  the Urban 

Inst i tute here where she directs  the Educat ion Pol icy Center .  Dr.  Hannaway is  

also the Director  of  the Center  for  Analysis  of  Longi tudinal  Data in  Educat ion 

Research,  or  CALDER.  

 She‟s  the Director  and I think I said Principal  Invest igator .  In  her  

presentat ion ,  Dr.  Hannaway is  going to  discuss  how data from these Statewide 

Longi tudinal  Systems can be used to  address  issues  of  educat ion pol icy.  
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 So,  having said that ,  let  me turn this  over to  Tate.  

 MR. GOULD:  All  r ight .   

 Thank you for  coming,  and thanks,  Lee.  

 Again,  I‟m Tate Gould .  I‟m with the Statewide Longi tudinal  Data 

Systems Grant  Program. So I ‟m going to  give an overview of the grant  

program, a brief  his tory of  what  we ‟ve done so far .  I‟ l l  also talk about  what  

are the grantee s tates  doing in  terms of  the data they ‟re col lect ing as  wel l  as  

the access  they‟re giving to  researchers ,  and then I ‟ l l  also talk about  

anecdotal  evidence of  four s tates  a nd how they‟re reaching out  to  the research 

community specif ical ly.  

 The legis lat ive background of  our program, 2002,  through the 

Educat ion Science and Reform Act .  We gave our f i rs t  grants  out  in  2005 ,  so 

i t ‟s  a  compet i t ive grant  process .  Only State Educat ion Agencies  can apply,  

and in  the f i rs t  year ,  we gave out  14 grants  to  SEAs .  They range from 1.5 to  

s ix  mil l ion,  at  least  in  the f i rs t  year;  3-year  award project  periods.  

 Second year  or  second compet i t ion in  June 2007 .  We had another  

compet i t ion ,  wi th 13 SEAs.  We gave out  62 mil l ion,  and as  Lee ment ioned,  

just  recent ly we gave out  27 grants  to  SEAs for  $150 mil l ion .  So,  total ,  we 

have 42 State Educat ion Agencies  that  have grants .  We‟ve given out  54 

grants .  

 The goals  of  the program . The major  goals  are to  improve 

inst ruct ion;  to  increase the graduates  with knowledge and ski l ls  for  

succeeding in  the postsecondary and workforce;  s impli fy the processes  of  

using their  data in  making decis ions,  reducing the burden of  federal  report ing 
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and s tate report ing;  informed decis ionmaking;  and as  wel l  as  permit  the 

accurate use of  t imely data.  

 So those are the major  goals  of  the program al though each s tate,  

many s tates  and many grantees  wil l  go obviously above and beyond with what  

they do with the SLDS, but  these are the  underlying goals  of  the program.  

 In  terms of  our grantee s tates ,  and this  is  also on our websi te  

which we‟l l  show you at  the end,  we have 42 State Educat ion Agencies .  DC is  

one of  those ,  so we have 41 s tates  and DC. 

 In  our las t  compet i t ion,  we had sever al  repeat  winners ,  so we had 

12 repeat  winners  that  received grants  in  the f i rs t  and the second year ,  and 

many of  the repeat  winners  when they got  their  thi rd grant  or  their  second 

grant  in  the third compet i t ion,  they were doing,  they ‟re moving beyond the K-

12 space and they‟re l inking their  data,  their  early chi ldhood to postsecondary 

to  labor,  bui lding research portals .  So they‟re moving beyond the K-12 focus,  

which was mainly the act ivi ty in  the f i rs t  and the second year ,  i s  bui lding that  

K-12 s tudent  un i t  record data system.  

 A map of  our grantee s tates .  Current ly we have nine s tates  that  

have not  received grants ,  but  i t  i s  worth not ing that  some of  these s tates  have 

funded these systems on their  own,  using s tate funds based on their  internal  

support  for  this  effort .  

 So just  because they have not  received a grant  does not  mean that  

they don‟t  have a wel l -developed Longi tudinal  Data System . According to  the 

Data Qual i ty Campaign,  s tates  such as  Delaware have al l  ten essent ial  

elements ,  which are the,  acco rding to  the Data Qual i ty Campaign,  the ten 
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essent ial  elements  of  a  ful ly funct ioning Statewide Longi tudinal  Data System, 

and so Delaware has  done that  wi thout  any grantee funds.  

 It ‟s  important  to  note that  al though we do fund a lot  of  the 

infrast ructure for  this ,  at  least  for  the s tar t -up,  in  some s tates ,  you know, 

larger  s tates ,  we,  the price tag for  these systems,  at  least  the s tar t -up,  is  not  

covered by the grant  funds,  and we don ‟t  want  to  be the sole provider  of  the 

funds for  these systems .  There needs to  be a s tate buy-in for  sustainabi l i ty.  

So,  especial ly in  Cal i fornia and Texas,  we are providing funds for  maybe a 

port ion or  a  certain act ivi ty.  

 Even in,  quote,  “smal ler  s tates ,”  I mean the price tag for  these 

systems can be pret ty expensive .  For example,  Maryland,  for  their  P -20 

system, from early chi ldhood al l  the way up to  postsecondary,  they est imated 

i t  would cost  about  $20 mil l ion .  And obviously,  Cal i fornia,  just  their  K -12 

system is  much larger ,  between 30 and 60 mil l ion,  just  for  the K -12 port ion.  

 So that ‟s  the infrast ructure s tar t -up costs .  The maintenance costs  

are s t i l l  varied because these systems are,  in  some cases ,  a  couple years  old ,  

so the maintenance costs  have not  real ly—there‟s  never been a cost  analysis  

about  what  these systems cos t  to  maintain.  

 Some of  the addi t ional ly col lected i tems beside the s tudent  

demographics ,  kind of  the typical  data that  you would col lect  at  the 

individual  s tudent  level .  At  the s tate level ,  as  you can see up here,  several  

s tates  are s tar t ing to  put  in  the  Nat ional  Col lege Readiness  Assessments ,  

ACT, SAT scores .  Classroom grades are get t ing imported into these systems .  

Enrol lment .  At tendance on a dai ly basis ,  which is  impressive in  terms of  an 
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organizat ion from having a school  input  the data and then having  that  

exported al l  the way up to  the s tate level  on a dai ly t ransact ional  basis .  

 Discipl ine .  Enrol lment .  Homeless .  Migrant .  So you can see a lot  

of  different  data that  they‟re col lect ing at  the s tate level .  And to give you a 

picture of  how al l  this  works,  most  of  the dis t r icts ,  large dis t r ict  systems are 

more—a lot  of  the large dis t r ict  systems are much more developed than the 

s tate system. So the dis t r icts  have been doing this  for  years ,  as  many 

researchers  real ize .  The s tate systems are t rying to  play ca tch up in  a lot  of  

these s tates .  

 So this  data might  be col lected and lots  more data might  be 

col lected at  the local  level ,  but  at  the s tate level ,  this  is  a  growing t rend,  to  

t ry to  bring this  data up at  the s tate level .  

 Then,  in  terms of  our grantee s ta tes ,  and this  is  just  the 42 

grantees  that  we look at ,  I wanted to  talk about  some of  the access  to  the 

s tudent - level  data that  is  given out .  So including dis t r ict  s taff ,  the parents ,  

what  grantee s tates  have publ icly publ ished pol icy on data use .  So I want  to  

just  give you some of  the numbers  from our grantee s tates  that  we recent ly 

asked.  

 So,  for  example,  the access  for  the dis t r ict  s taff  at  the s tudent -

level  data,  for  at  the s tate level ,  r ight  now that  number is  14 grantee s tates  

have—and i t ‟s  operat ional  is  the top bar—14 states  have an operat ional  

access  for  dis t r ict  level  s taff .  13,  I think i t ‟s  actual ly 18 are in  progress  to  do 

that .  Nine have not  begun,  and one have no plans for  giving access  to  dis t r ict  

s taff .  
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 And dis t r ict  s taff—that  is  a  large group.  I mean you could 

consider  teachers  in  that .  You could consider  dis t r ict  adminis t rator  of  

curr iculum. You could consider  superintendents ,  but  s t i l l  you can get  an idea 

for  who‟s  get t ing access  to  this  at  the dis t r ict  level .  

 Access  for  parents .  What  type of  parents  have access  to  the 

s tudent - level  data?  Right  now based on our grantee s tates ,  four s tates  said 

that  they have an operat ional  system that  gives  access  to  their  parents  for  

their  s tudent - level  data.  

 Six  are in  progress .  We‟ve got  18 that  have not  begun and 14 are 

not  planned .  So the access  to  parents  is  an interest ing quest ion,  and again this  

is  sel f -reported by the grantee s tates ,  so what  that  access  involves  or  what  

data they get  to  see for  their  s tudents  does defini tely vary,  but  this  is  jus t  an 

overal l  picture for  who‟s  get t ing access .  

 In  terms of  researchers—I probably should have led with this  

s l ide—but  the publ icly-accessible pol icy.  So do they have a publ icly-

accessible pol icy on their  websi te?  Right  now we‟ve got  ten s tates  that  have 

an operat ional  publ icly-accessible pol icy.  Seventeen  report  that  they have i t  

in  progress;  they‟re working on i t .  Thir teen  have not  begun,  and one not  

planned.  

 And when I get  to  the anecdotes  about  the four s tates ,  you ‟l l  see 

possibly why the dis t r ict  s taf f ,  there might  be more access  to  dis t r ict  s taff  

than researchers .  But  the 17 in  progress  is  probably an important  number to  

look at  because they real ize the interest  of  the research community and how 

to reach out  to  give access .  
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 This  publ icly-accessible school  grade level  achievement .  It ‟s  

growth model  data .  Who has access  to  this  based on individual  s tudent  growth 

measures?  Fif teen  said that  they have i t  operat ional .  Eight  in  progress .  

Twelve not  begun,  and seven not  planned.   

 And when I look at  this  s l i de and think at  the s tate level ,  having 

access  to  growth model  data,  I think I would just  caut ion that  this  is  sel f -

reported data,  and this  is  many t imes,  when we gave out  this  quest ionnaire to  

the project  di rectors ,  there is  a  quest ion about  what  this  mea ns or  what  is  the 

publ icly accessible .  So I would caut ion that  15 s tates  that  might  not  have a 

readi ly accessible data f i le ,  that  they would be wil l ing to  t ransfer  with an 

MOU. 

 So this  is  the downside of  sel f -reported data .  So we are working 

on making sure that  we explain what  this  is  so i t  gives  i t  a  l i t t le  bet ter  resul ts  

on who has  access .  

 Examples  of  an SLDS sharing with research community .  So I 

picked these four s tates ,  and we do not ice that  Florida is  not  there .  So I want  

to  decide—I want  to  talk about  some of  the s tates  that  might  not  be always at  

the forefront  of  whether  i t ‟s  in  the CALDER group or  whether  i t ‟s  in  the—I 

guess  the usual  suspects  for  giving access  to  s tudent  level  data.  

 In  Arkansas ,  they are very proact ive in  t rying to  reach out  with  

the research community.  They have MOUs with f ive agencies ,  research 

communit ies  that  they regularly give access  to  data .  It ‟s  an ongoing 

relat ionship.  

 They have two websi tes  that  they give aggregate level  data which 
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i s  most ly the requests  that  come in .  And they have an interest ing relat ionship 

where the project  di rector  actual ly on a request  basis .  He has  this  data f i le  

going back to  2004 with grades,  discipl ine,  demographic data that  he has  

created,  de-ident i f ied,  and he wil l  give this  out  to  researchers  provided 

there‟s  an MOU, and he‟s  a  researcher  himself .  He real izes  the importance of  

get t ing this  data out  to  researchers .  

 So i t ‟s  real ly,  i t ‟s  almost  l ike an ad hoc .  I mean how does this  

work?  I mean who‟s  asking for  data .  That‟s  how they develop their  system.  

 In  terms of  internal  resources ,  they don ‟t  have several  s taff  that  

handle the request ,  but  they do have,  they t ry to  make this  data accessible to  

the different  groups.  

 Utah was probably the most  surpris ing when I s tar ted to  get  down 

to what  do they give access  or  how do they give access  to  their  data ?  Utah has  

al l  ten essent ial  elements .  They‟re widely known as  having a pret ty advanced 

Statewide Longi tudinal  Data System . So in  talking to  the project  di rector ,  you 

know, I thought  there would be se veral  advanced pol icies ,  procedures ,  

possibly websi tes ,  and they do have a websi te  that  does give aggregate level  

data,  which most  s tates  that  have advanced systems do.  

 But  I said do you have l ike an onl ine appl icat ion that  researchers  

can go and apply and ask for  data or  do you have MOUs with univers i t ies?  

And he said,  wel l ,  no,  actual ly we don ‟t  have,  we‟re s tar t ing to  get  an MOU 

with our local  univers i ty,  but  i t ‟s  been about  12 months in  the making,  and 

we don‟t  have any onl ine appl icat ions.  We ‟re thinking about  t rying to  do that ,  

he said,  but  honest ly we don ‟t  have any requests  for  data.  
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 You know i t ‟s  from the research community.  I mean they know 

about  i t ;  i t ‟s  just  that  there ‟s  not  a  s t rong relat ionship,  and so i t ‟s  not  

something that  they‟re holding back from this  conversat ion,  of  course,  but  

i t ‟s  just  a  mat ter  of  they just  don ‟t  have the need so they‟re not  going to  set  

up their  system for  the research community.  

 Moving to Rhode Is land,  going—an opposi te  approach—they 

actual ly have several  access ,  s everal  pol icies  in  place,  several  MOUs with 

local  univers i t ies .  They have an onl ine t raining for  researchers  that  can at tend 

for  accessing their  system and understanding the individual  s tudent  uni t  

record data.  

 So i t ‟s  a  much interest ing infrast ructure of  how they do i t .  So 

then I asked,  okay,  so the onl ine t raining,  this  day -long onl ine t raining :  who 

comes to  i t ?  Is  i t  most ly researchers ?  He said actual ly that ‟s  a  smal l  minori ty.  

It ‟s  most ly principals  and business  managers  that  come to this  onl ine al l -day 

t raining.  I‟m sorry—all -day t raining,  not  onl ine .  It ‟s  al l -day t raining to  f igure 

out  their  system. He said i t ‟s  a  very complicated system . And so i t  was 

interest ing who comes to  the t raining.  

 Louis iana .  Probably one of  the top three in  terms of  researc h 

requests .  Again,  they have a much more advanced organizat ion .  They have a 

hot l ine that  people can cal l  in  terms of  get t ing data,  in  terms of  asking 

quest ions .  They have s ix  people that  s taff  this  off ice so when people ask,  you 

know, how do I get  access  t o  data,  the hot l ine—the s ix  members  are al l—

they‟re t rained in  terms of  where to  feed them . If  i t ‟s  just  an aggregate level  

report ,  then you can go to  this  websi te  to  pul l  this  down.  
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 If  i t ‟s  individual  uni t  record data,  they wil l  feed them to the 

SLDS team, and then I asked who are the s ix ,  the s ix  members  that  are 

feeding these requests ?  And they said they‟re al l  univers i ty s tudents  that  are 

social  workers ,  teachers ,  researchers ,  so they—so i t ‟s  a  real ly interest ing 

front - l ine experience for  these s ix  peo ple that  are working this  off ice.  

 And again they have websi tes .  You can pul l  aggregate level  data .  

So i t ‟s  a  real ly interest ing,  just  out  of  the four s tates  we have l is ted there,  

i t ‟s  an interest ing—real ly i t  sounded l ike,  you know, where is  the demand ?  If  

the demand is  there for  researchers ,  we ‟l l  put  an onl ine appl icat ion .  We‟l l  put  

a  system in place,  but  most  of  their  requests  are coming from evaluat ion 

purposes ,  from other  agencies  in  the s tate ;  principals ;  dis t r ict  s taff .  

 So i t  was an interest ing way to look at  how they‟re doing this .  

Now, Florida,  as  we know, Florida—as you may know, they have a much more 

advanced system. They have s taff  in  place to  handle the many research 

requests .  They have partnerships  with univers i t ies .  They‟re a member of  

CALDER with Jane .  So they‟ve been doing this  for  several  years ,  and so,  but  

again talking with their  project  di rectors ,  i t  i s ,  you know, i t ‟s  a  cost  issue .  

Their  main portal  they just  bui l t  were for  pol icy legis lators .  

 They just  backed off  a  parent  portal  beca use the funding is  t ight  

and they have to  address  the audience that  is  knocking the loudest  in  a  way .  

So those were four anecdotal  evidence of  research.   

 So we‟ve got—I also l is ted some of  the issues  ident i f ied through 

the program FERPA. I don‟t  know if  I  need to  elaborate on that ,  but  the s tate 

procurement  issues .  Just  in  terms of  bui lding these systems or  in  terms of  
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bui lding,  let ‟s  say,  a  portal  for  researchers .  Al though we give the grant  funds 

to  the s tates ,  the s tates  set  up their  own procurement  proc esses  for  their  

contractors  so they have—sometimes that  can take up to  12 months to  get  a  

contractor  on board.  

 So even though we just  announced the 27 grantees ,  next  week 

there‟s  not  going to  be a Longi tudinal  Data System . I mean in some s tates ,  in  

Cal i fornia,  i t  took 18 months to  bring on their  vendor .  So but  now they‟re 

doing—they‟re defini tely moving along.   

 In  terms of  the third issue that ‟s  ident i f ied is  the SEA as  the 

faci l i tat ing organizat ion .  In  terms of  my phone r ing,  I think this  is  the one 

that  has  been the most  popular  is ,  'are SEAs the only ones that  can apply for  

these funds? ‟  What  i f  a  research organizat ion or  what  i f  a  postsecondary 

agency that ‟s  much more advanced in these systems or  what  i f  another  agency 

in the s tate would l ike to  apply for  the funds?  

 And with the recent  focus of  the s t imulus funds of  bui lding P -20 

systems,  the SEA is  put  in  a posi t ion to  t ry to  manage not  just  the f inances 

but  breaking down these s i los .  And that ‟s  a  chal lenge for  the SEA as  the 

faci l i tat ing organizat ion .  

 I guess  I should answer that  now just  in  case that  quest ion comes 

up later .  Yes,  SEAs are the only appl icants ,  but  they are the f iscal  agent .  But  

we do encourage them to work with other  agencies ,  organizat ions,  and on our 

websi te ,  which I‟ l l  show you in  a second,  there are partnerships  with ex is t ing 

research organizat ions.  

 So the SEA wil l  apply,  but  there wil l  be a certain amount  of  funds 
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for  a  research organizat ion to  work on,  let ‟s  say a report  or  designing a 

portal .  So there‟s  defini tely a partnershi p,  so i t ‟s  not  just  we wri te  a  check to  

the SEA.  

 So sustainabi l i ty at  the s tate level .  I mean I could elaborate on 

that ,  but  I think we al l  real ize,  especial ly in  these t imes,  how diff icul t  some 

of  these systems could be to  maintain,  but  I think i t ‟s  just  more,  and the 

project  di rectors  real ize i t ‟s  about  educat ing the purposes  and the benefi ts  of  

the system.  

 I mean this  is  not  just  for  researchers .  This  could be for  parents .  

This  could be for  s tudents .  I mean I know there ‟s  a  superintendent  in  a 

dis t r ict  in  Oklahoma,  and the f i rs t  thing he does every morning is  he opens up 

his  portal  and he has  al l  of  his  Longi tudinal  Data System, his  dashboard he 

looks at ,  to  see how students  are doing,  at tendance,  any drops in  discipl ine .  I 

mean i t ‟s  a  data decis ion tha t  he makes every s ingle day based on the 

Longi tudinal  Data System.  

 So i t ‟s  how do we integrate these data systems in educat ion,  

which is  typical ly a paper -based profession .  So as  a  teacher I remember very 

few decis ions were made,  even though I was a math teacher,  about  how to use 

data .  Just  i t  wasn‟t  there .  It  wasn‟t  in  the capaci ty of  how teachers  would use 

this .  It ‟s  not  readi ly accessible r ight  now, but  i t ‟s  a  lot  of  dis t r icts  are 

moving into very creat ive ways of  get t ing teachers  involved,  and so the s tates  

wil l  fol low.  

 So the next  s teps—and this  is  the next  s teps  that  we see in  terms 

of  what  the grantees  are put t ing forth .  Get t ing,  creat ing research across—I‟m 
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sorry—creat ing access  across  s tate l ines .  Regional  col laborat ions .  

Postsecondary and labor l inkages,  and we should add early chi ldhood 

especial ly with the focus on the s t imulus.  

 And then providing data access  to  research community and publ ic 

s takeholders .  As I ment ioned in the anecdotal  evidence,  a  lot  of  these project  

di rectors  don‟t  real ize how to give access  to  researchers .  Arkansas  was 

unique.  One of  their  project  di rectors  is  a  researcher,  but  in  some of  these 

s tates ,  they just  don‟t  know what ,  yeah,  give access  to  researchers ,  what  does 

that  mean?  Does that  mean we have to  set  up an MOU?  

 It ‟s  a  lot  of  quest ions .  So i t ‟s ,  they real ize i t ‟s  important .  They 

just  don‟t  know how to do i t  in  some cases .   

 Briefly,  I‟ l l  go through the appendix  s l ides .  This  is  our websi te  

that  we have that  has  l inks to  our s tandards and guidel ines ,  events ,  and 

presentat ions .  We have a l is t  of  our grantee s tates .  So you can cl ick on any of  

these s tates  and you can see how much grantee funds they ‟ve received .  You 

can also cl ick and pul l  down their  original  appl icat ion so you can see exact ly 

what  they propose,  their  t i me l ines ,  their  budgets ,  who ‟s  working on the 

project ,  and we also have their  outcomes because these appl icat ions are 

sometimes unwieldy.  

 So we put  r ight  on there just  bul let  points ;  their  f ive to  seven 

outcomes;  their  main focus for  their  grants .  

 This  i s  an example web page of  a  s tate .  This  is  Kansas .  So i t ‟s  

probably tough to see .  Let‟s  see i f  I‟ve got—this  would be their  major  

outcomes in  this  sect ion .  Their  appl icat ion you can pul l  down in PDF .  
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They‟ve got  their  grant  funds .  We also put  their  project  di rector—Kathy 

Gosa.  We did not  put  their  contact  informat ion for  obvious purposes ,  but  this  

is—and every s tate has  this  web page—and they also have their ,  in  this  

sect ion,  let ‟s  see,  at  the top,  any relevant  websi tes  they want  to  post  let ‟s  say 

to  their  access  to  their  aggregate -level  web page or  their  Longi tudinal  Data 

Systems.  So they provide us  l inks.  

 This  is  actual ly an outdated features  matr ix ,  but  in  the quest ions 

that  I discussed earl ier ,  who ‟s  giving access  to  researchers ,  who ‟s  giving 

access  to  parents ,  we actual ly have al l  this  on our websi te;  and we have the 

columns [which]  are the grantee s tates ,  and then down the lef t  s ide,  we have 

al l  the different  features  that  we ask including some of  the features .  Who‟s  

col lect ing homeless  s tudent  data ?  Who‟s  col lect ing migrant  data at  the s tate 

level?  

 And the charts  that  I provided earl ier  that  said “operat ional” and 

“progress  not  begun,” that ‟s  where I pul led al l  this  from . So this  is  a  publ ic 

document  that  we have on our websi te .  

 And I think quest ions we'l l  take afterwards;  correct ?  Okay.  Thank 

you.  

 MS. HOFFMAN:  Thank you,  Tate.  

 Sean Mulvenon.  

 MR. MULVENON:  All  r ight .  Good morning.  Thanks for  coming 

out  early this  morning .  That  was some nice weather  at  about  6:00 a.m .  Wasn't  

i t?  Did everybody get  up early?  

 [Laughter . ]  
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 MR. MULVENON:  A l i t t le  background on me.  I know that  Lee 

went  through some of  this .  I am a Professor of  Educat ional  Stat is t ics  at  the 

Universi ty of  Arkansas ,  and for  a  31 -month period,  I was on an IPA at  the 

U.S.  Department  of  Educa t ion working on longi tudinal  data models .  I was on 

the growth panels  and got  an opportuni ty to  real ly kind of  s tudy what  was 

going on around the country in  terms of  these types of  Longi tudinal  Data 

Systems and what  people were generat ing,  and hopeful ly I c an share some of  

that  expert ise or  some of  the knowledge I gleaned from doing that  wi th you 

this  morning.  

 Just  for  clar i f icat ion,  I am not  part  of  the SLDS in Arkansas .  I am 

a professor at  the U of  A .  We do have a research center  there that  does a 

pret ty comprehensive job .  We do al l  the NCLB calculat ions for  the s tate 

report ing,  EDEN. We have data systems that  dis t r ibute .  We have a private and 

publ ic s ide .  The private s ide,  teachers ,  parents ,  not  parents ,  but  teachers ,  

anybody in the educat ional  system can  go in  and actual ly t rack down their  

kids ,  and we've got  longi tudinal  data that  goes back to  1996 on these kids .  

 In  fact ,  we just  used that  data recent ly on an engineering s tudy  of  

successful  engineers  through their  second year .  We t racked them al l  the way 

back to  fourth grade and found out  where they were s i t t ing,  who was on ei ther  

s ide of  them, and now we're t racking those kids  forward to  f ind out  what  

happened to that  pool  of  kids  and why they're not  in  engineering .  So,  but  any 

way,  a  lot  of  great  s tuff  out  there .  We want  more engineers .  

 Al l  r ight .  I heard this  said at  a  talk I gave one day .  We need to  

use value-added analysis .  And my immediate response was why?  And then a 
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lot  of  internal  quest ions and quest ions I asked,  but  basical ly I was t rying to  

gather  an understanding of  why the percept ion they had to  have growth 

models?  Because educat ion is  just  a  veri table cornucopia of  cl ichés;  r ight?  

 We need “value added.”  It  needs to  be “student  oriented.”  You 

know, al l  kinds of  two-word catch phrases .  But  the most  important  quest ion,  

and I think i t ‟s  a  research quest ion,  and i t ‟s  appropriate for  this  conference,  

and that  is  what  are you t rying to  do ?  Because that  real ly sol idif ies  where 

you‟re going,  what  kind of  data you need,  the depth and clari ty of  the data.  

 Now, when I review a lot  of  what ‟s  going on with the 

Longi tudinal  Data Systems and part icularly the use—and a lot  of  this  is  just  

off  some of  the websi tes  and some of  their  s i tes  for  ar t icles  that  have been 

used or  generated using their  data,  and th ere are  some great  things that  are 

going on out  there,  and a lot  of  great  ideas ,  and i t ‟s  very encouraging .  Always 

the “but ,”  the other  shoe—right—but  there are some real ly interest ing 

problematic things that  are s tar t ing to  occur.  

 And I think that  a  long i tudinal  data set ,  I mean i t ‟s  a  great  thing 

to  have,  but  i t  has  a ut i l i ty,  and i t  has  l imitat ions,  and I ‟m going to  talk about  

some of  those .  There‟s  some incongruence in  the report ing models ,  and I 

think this  is  real ly t roubl ing and creates  a  lot  of  ques t ions when people are 

looking at  cross -sect ional  data that  may be reported as  part  of  NCLB versus 

longi tudinal  data that ‟s  also reported as  part  of  NCLB, and they can ‟t  make 

the connect ion between the two.  

 A good example .  In  some of  my advanced classes ,  o ne of  the 

assignments  is  the s tudents  have to  go and get  an art icle where they have a 
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correlat ion matrix  and means and s tandard deviat ions in  the ar t icle because i f  

they provide that ,  see,  we own them . We can repl icate the models  that  they 

ran in  their  s tudy and see how they reported i t .  

 And I hate to  break i t  to  you,  but  about  50 percent  of  what  we 

f ind is  i t ‟s  not :  ei ther  hasn‟t  been analyzed correct ly or  i t  i sn ‟t  reported 

correct ly.  

 But  we‟re repl icat ing what  they did .  So we know there ‟s  a  

problem with  how—and these are people who are supposed to  know what  

they‟re doing.  So I can only imagine what ‟s  going on in  the educat ional ,  at  

the school  level ,  where they just  don ‟t  have that  depth of  understanding.  

 Back to what  are you t rying to  do ?  Obviously iden t i fy research 

quest ions .  Develop appropriate data sets .  Select  the appropriate analyses—

appropriate analyses ,  not  al l  analyses .  There isn‟t  a  one-size-f i ts -al l  in  

analysis .  

 Oh,  and a heads -up,  I got  way too many s l ides .  So I may s tar t  

going fast .  So I apologize for  that .  

 Anyway,  I see i t ‟s  the f i f th  s l ide before I even get  to  the goals .  

Goals  of  the presentat ion .  Okay.  What  are LDSs‟ implicat ions,  s t rengths ,  

weaknesses ,  l imitat ions,  chal lenges to  developing these data sets ?  And how 

they can be used to  expand research capaci ty in  the school  systems is  what  

I‟m hopeful ly going to  t ry to  do with the rest  of  my 700 s l ides .  

 Now, issues  that  must  be addressed ?  Matching.  One,  when we 

were on the Growth Review Panels  there at  the department ,  we always got  

these ast ronomical  f igures  of  these match rates  that  people had,  and there was 
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just  no way,  just  the volat i l i ty,  and those were red f lags .  And so what  do you 

mean by matching?   

 Merging is  an interest ing quest ion,  too .  People think you have 

data set  one,  data set  two,  boom, I got  a  longi tudinal  data set  because this  is  

year  1 ,  this  is  year  2 ,  when actual ly when you create a longi tudinal  data set ,  

i f  you real ly break i t  down so i t  has  a funct ional i ty that  is  both horizon and 

vert ical ,  and I‟ l l  talk  about  that ,  to  add to  this  congruence,  i t ‟s  actual ly a 

composi te of  seven data sets  that  are concatenated at  the end .  And I‟ l l  talk  a 

l i t t le  more about  that .  

 Funct ional i ty and then data qual i ty and what  we mean by that .  

What  are you merging?  Okay.  You know, i t ‟s  funny,  you ask people l ike a 

unique s tudent  ID.  I heard that  ment ioned yesterday.  And i f  we could give 

them at  bi r th ,  and al l  I could think about  when I heard that ,  „ i f  we could give 

them at  bi r th , ‟  i s  when my daughter  was born before I could leave the 

hospi tal ,  I  had to  f i l l  out  the Social  Securi ty card thing .  So we do give them a 

number at  bi r th .  

 So we got  them in the system . We just  don‟t  have any data on 

them, but  there is  some different  examples ,  probabi l is t ic  neural  net .  That‟s  

what  they claim they use in  Ar kansas .  Interest ing s ide point ,  that  we have 

higher match rates  the way we do i t  at  the U of  A for  the longi tudinal  scoring 

than they actual ly do in  their  LDS system with the probabi l is t ic  neural  net .  

That‟s  a  different  paper.  

 Bashing.  You just  s l ide them together .  Merging on mult iple 

variables .  There‟s  al l  these different  things that  people do,  but  how do they 
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work?  How do you handle redundant  values  or  dupl icates ?  Should you take 

the f i rs t  dupl icate value or  the second dupl icate value or  the third ?  Which one 

is  the most  appropriate?  

 There‟s  a  s tudying that  has  to  take place.  Here ‟s  an example of  

something that  happened when I was at  the department .  I get  summoned to the 

Secretary‟s  conference room, and they‟re al l  dis t ressed because one of  the 

NCLB Growth Model  s tates  only has  500,000 or  so kids  in  their  growth 

model ,  and they can‟t  understand this  because there ‟s  1 .3 mil l ion kids  in  their  

system, and they got  a  99 some odd percent  rate.  

 Well ,  I walk in  the room, and my fi rs t  response was,  wow, that ‟s  

real ly good.  What  do you mean they only got  500,000 kids ?  I‟m l ike,  wel l ,  

let ‟s  think about  what  they should get .  And i f  you real ly think about  i t ,  they 

were using grades three through eight .  Third graders  move to fourth grade.  

Third graders  don‟t  have a growth model .  Eighth graders  ex i t  the system . 

They got  f ive grades,  about  100,000 kids  in  the system; they say they got  

495,000 kids .  That‟s  pret ty good,  and that ‟s  what  they should be shoot ing for .  

So understanding the context  of  what  you should get  when you  bui ld your data  

systems.  

 The horizontal  and vert ical  funct ional i ty.  Here ‟s  a  horizontal ly 

funct ional  data set .  Looks pret ty tame .  I can subtract .  Those are reading 

scores  in  thi rd grade,  math and reading,  i f  they ‟re scaled properly.  Operat ive 

word “scaled properly.”  

 Then I can subtract  those two and kind of  get  a  difference about  

what‟s  going on versus  reading and math .  Unfortunately,  this  is  a  fantasyland 
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model .  It  doesn‟t  work that  way because of  the dis t r ibut ional  assumptions on 

the different  tes ts .  So i t  can‟t  be that  clean.  

 Al l  r ight .  Vert ical ly funct ional .  Same type of  thing .  I can sum up 

and down as  long as  there are some certain scal ing features  that  are 

congruent .  And when I looked at  what  was going on and what ‟s  being 

encouraged,  I‟m not  always  f inding that  people are being educated on some of  

these underlying metrics  that  you have to  adhere to  i f  you ‟re real ly going to  

get  meaningful  informat ion out  of  your LDS.   

 Al l  r ight .  Now, i t  seems obvious—right—subtract  column one 

from column two.  Got  i t .  We can al l  do that  in  Excel .  But  here‟s  a  MYSQL 

data set .  Al l  r ight .  Typical ly,  when data sets  are provided by these,  you know, 

too many of  these—if I could lobby for  anything,  I wish the LDSs couldn ‟t  

use ex ternal  contractors  but  had to  bui ld i t  intern al ly,  to  bui ld their  

infrast ructure as  opposed to  just  put t ing money into contractor  pockets  

because—or at  the univers i t ies  where they could bui ld i t  because you have 

that  long-term sustainabi l i ty.  

 But  when you get  your data sets ,  l ike when I was at  the 

department ,  we‟d get  data sets  from the EDEN system on Perot  that  would 

look very s imilar  to  this  data set  r ight  here.  

 Problem is ,  this  isn ‟t  a  funct ional  data set  for  s tat is t ical  

model ing.  You got  to  reprogram this .  You got  to  wri te  the code .  I have 

several  thousand l ines  of  code to  reformat  the EDEN data so we could 

actual ly analyze i t .  But  then when we got  al l  done,  i t  was pret ty powerful .  

 By the way,  the f i rs t  people that  asked for  a  copy of  those 
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programs were Perot ,  but  they‟re housed over at  the U.S .  Department  there,  

but  you bui ld the data sets  because they use these for  report ing features .  This  

is  a  matr ix  and they use Reading 37 .  They put  that  matr ix  cel l ,  and that ‟s  how 

they put  i t  on the reports .  That‟s  how the data sets  are used.  

 Assessing data qual i ty.  This  is  a  good one .  I did this  with 

Arkansas  data .  Third grade to  fourth grade,  I found the perfect  31,000,  30,000 

cases ,  whatever i t  was .  30,000 cases .  This  is  clean data .  Everybody‟s  got  a  

free and reduced lunch value in  there .  And then I perfect ly match those kids  

to  fourth grade,  100 percent  match .  I mean this  is  just  clean data .  It ‟s  as  clean 

as  you can get  i t ;  100 percent .  So everybody exci ted .  The data qual i ty people 

are thri l led .   

 But  i f  you cross  tab this ,  looking at  free and reduced lu nch,  12 

percent  of  the kids  change their  values .  So you got  a  great  data set .  You‟ve 

got  perfect  data in  year  1 ,  perfect  data in  year  2 ,  and that  variable is  too 

volat i le .  It  can‟t  be r ight .  That‟s  about  twice as  much as  we ‟d expect .  

 See,  so something is  going on.  Oh,  and by the way,  why we 

picked that  variable was because i t ‟s  adul ts  that  are f i l l ing i t  out  at  the school  

systems.  See,  so i t  i sn ‟t  some kid coded i t  wrong.  This  is  just  something 

that ‟s  s t ructural ly quest ionable so you got  to  go back and und erstand i t .  

 Anyway,  oh,  and here ‟s  the great  four dol lar  quest ion .  I saw in 

the poster  presentat ions—by the way,  Florida State,  i f  anybody is  in  here,  

awesome job with those pre-doc s tudents  or  the doctoral  fel lows on those 

papers .  They were outs tanding .  But  there was one in  there where they were 

talking about  the assignment  s tatus ,  and I just ,  I loved i t  because this  is  a  real  
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quest ion.  

 In  your LDS, which assignment  s tatus  do you use for  your kid 

now for  FRLP if  i t ‟s  changed?  Do you use the 2006 or  do yo u use the 2007?  

Real  quest ions,  and they have implicat ions .  Okay.  I can tel l  you what  the 

s tate had us  do.  

 Here‟s  an example of  other  things that  we see,  and i t  goes  to  that  

data congruency.  See,  this  is  more l ike what  a  real  data set  looks l ike.  Would 

you guys agree?  There‟s  missing values ,  kid moved out  of  the dis t r ict ,  came 

back in .  Al l  r ight .  

 Now, what  typical ly happens is  they report  model  one means,  and 

that ‟s  basical ly they just  sum the columns,  and those are the values ;  but  when 

I do a longi tudina l  model ,  I‟m only going to  use observat ions one,  two,  three,  

f ive and eight  because they‟re the only ones with complete data .  And so 

actual ly i t ‟s  the means in  model  two that  are the ones that  are actual ly used to  

calculate the resul ts .  

 We see this  a  lot  in  the misreport ing of  data in  journal  ar t icles  

where they do the descript ives  at  the front  end .  Then they run their  models  

and al l  those folks  without  complete data get  kicked out ,  so actual ly their  

analyses  are based on a whole different  set  of  means and  correlat ions that  

aren‟t  reported in  the actual  analysis  or  in  the ar t icle .  And that ‟s  where a lot  

of  the problems occur.  

 Meaningfulness .  Get t ing people to  understand this .  Because you 

look at  some of  the dis t r ibut ions that  are reported,  the s tandard dev iat ions,  

and this  is  a  s l ide I use to  help people understand that .   



 
 

VSM   26 

 Now, reasonably educated people that  we are,  we understand that  

s tat is t ics  isn‟t  about  just  the difference between two means .  It ‟s  the 

difference between two means predicated on the dis t r ibut ions of  those 

different  variables;  r ight .  

 So at  the top,  that ‟s  an example of  i t ‟s  not  meaningful—by the 

way,  this  s l ide works real ly wel l  wi th educators  to  t ry to  get  them to 

understand this—where at  the bot tom, that  f ive point  di fference is  

meaningful ,  but  i t  i sn ‟t  always a f ive point  is  meaningful ,  and i t  i sn ‟t  always 

a f ive point  isn ‟t  or  is  not  meaningful .  It ‟s  predicated on those relat ive 

dis t r ibut ions to  that  in  part icular  s tudy.  

 So,  and an example,  and I ‟ l l  show you another  example in  

Arkansas  in  just  a  second .  But  i t ‟s  not  just  a  l is t  of  variables .  Like DQC does 

a great  job of  championing .  We‟ve got  to  get  these ten variables  in  there,  and 

I think Aimee Guidera is  one of  the best  there is .  She‟s  head of  the  Data 

Qual i ty Campaign and present ing  a lot  of  this  to  the s tates ,  but  I also think 

that  having the ten variables  doesn ‟t  necessari ly make i t  great  ei ther .  

 It ‟s  what  you do with those ten variables ,  what  you get  them, and 

how you control  for  the val idi ty of  the data sets .   

 Growth Models  is  a  f ield in  s tat is t ics .  Al l  of  those are potent ial ly 

appropriate methodologies .  It  depends on the data sets ,  what  you ‟re t rying to  

do,  what  you‟re real ly analyzing,  but  i t  doesn ‟t  have to  be an HLM. Most  

people aren‟t  even real ly sure what  an HLM is .  They just  know they need i t .  

 Latent  growth curves .  Yeah,  my wife is  an elementary school  

principal .  I‟ve heard this  for  years ;  r ight .  Latent  growth curve model ing .  I 
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love latent—I prefer  latent  growth curve model ing.  I think i t  gives  you a lot  

of  different  types of  t rends that  you don ‟t  necessari ly get  in  some of  the HLM 

model ing.  

 Florida State had one of  those papers ,  and i t  was outs tandingly 

done so ,  good for  them. Our new Ph.D.  program aspires  to  be l ike the one at  

Florida State .  Let‟s  just  say that .  Al l  r ight .  

 Two major models  I looked at :  equipercent i le  and growth 

t rajectory models .  Now, an equipercent i le  model  is  l ike North Carol ina is  

using an equipercent i le ,  and here ‟s  an example of  how that  works,  and then I 

put  a  metr ic  around i t .  This  is  a  different  thing that  we used in  other  s tates  

that  we worked with and dis t r icts .  

 My daughter ‟s  thi rd-grade teacher told me you couldn ‟t  help—you 

couldn‟t  improve the scores  of  the advanced s tudents .  It  was kind of  an 

interest ing comment  to  make to  me of  al l  things,  but  this  woman is ,  she ‟s  won 

a couple of  math awards,  and she is  s i t t ing across  from me,  and she ‟s  got  two 

posters  behind her ,  “Math Facts .”   The i rony of  the two math facts  is  they 

were both incorrect .  

 It ‟s  a  t rue s tory.  But  she said she couldn ‟t  help the advanced kids .  

This  is  a  misconcept ion because you have to  look at  the dis t r ibut ions again .  

So,  in  real i ty,  this  is  a  great  one for  pol icy where you see a lot  of  pol icy 

misinterpreted.  

 See,  the s tudent  at  the top i f  kept  a  relat ive posi t ion would be 

expected to  gain 20 points .  Goes up 22 .  Student  at  the bot tom, expected to  

gain 40 points ,  gains  36 .  So the relat ive view of this  is  that  (a)  they‟re 
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closing the achievement  gap .  That‟s  not  t rue .  And that  s tudent  on the bot tom 

did bet ter  than the s tudent  at  t he top.  Well ,  relat ive to  the dis t r ibut ions,  in  

fact ,  the s tudent  at  the top did bet ter  than the s tudent  at  the bot tom, and the 

gap is  get t ing wider.  

 But  they‟re using the relat ive scores ,  not  indexed against  the 

dis t r ibut ions .  And we‟re seeing a lot  of  t his  in  the model ing that ‟s  going on .  

A great  place for  research where they do s tuff  l ike this—it‟s  crazy—is AERA. 

Okay.  Lot  of  s tuff  l ike this .  

 Al l  r ight .  Value added .  It ‟s  a  s imple s l ide to  show people what  

they mean by value added.  In terms of  predict in g out ,  and you‟re looking at  

the residuals ,  those are project ion methods .   

 Growth Model .  Develop goals .  I think we al l  know this .  I know 

my t ime is  running short .  And I think these are al l  good things that  we want  

to  do.  We want  to  ident i fy s tudent  improv ement .  We want  to  predict  

performance,  to  get  an idea about  where the s tudent  is  going to  go .  We want  

to  evaluate curr iculum and professional  development .  We want  to  develop 

things that  can help us  work with teachers .  

 Another  important  input  in  al l  of  thi s  is  the val idi ty of  the exams .  

The psychometric propert ies  of  some of  these exams can be very t roubl ing,  so 

no mat ter  how sophis t icated your analysis  is  on the back end,  i f  your input  is  

a  l i t t le  problematic,  then you ‟ve got  some issues;  r ight .  

 We‟ve got  some s tandard errors  that  when I was at  the department  

for  s tates  on their  exams that  are wider than their  performance intervals .  

Okay.  So you‟ve got  some real  issues  with how clear  the exams are 
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psychometrical ly.  Are they vert ical ly equated ?  Arkansas ,  they use something 

cal led vert ical ly ar t iculated,  and I ‟m going to  show you what  that  dis t r ibut ion 

looks l ike.  

 For accountabi l i ty,  there ‟s  growth models  and there ‟s  scoring 

models .  And they should not  be confused .  Growth Model  is  a  methodology 

we‟re using.  Scoring Model  is  how we take the Growth Model  resul ts  and 

convert  i t  to  a  way to ass ign a school  a  category.  

 And the Growth Model ,  the base math is  pret ty sol id .  Scoring 

Model  is  where i t  gets  a  l i t t le  creat ive .  And you got  to  be real  careful .  For 

example,  a  decl ining score—and I‟ l l  show you an example of  this  here in  a 

just  a  moment—a decl ining score where a kid is  clearly not  growing can be 

counted as  meet ing adequate growth as  long as  they s tay above the proficient  

l ine.  

 So i f  you run an analysis  and you‟re looking at  kids ,  and they got  

decl ining scores ,  that ‟s  going to  confound your resul ts  relat ive to  the actual  

report ing in  NCLB, and I ‟ l l  show you an example of  that .  

 Formative measures .  People are using a lot  of  addi t ional  

format ive measures  to  driv e this .  I think that ‟s  outs tanding because these 

large-scale s tandardized tes ts—wow, that ‟s  a  lot  more t ime than I thought—

okay.   

 Anyway,  these large -scale s tandardized tes ts ,  t ruth be told,  are 

not  designed to be diagnost ic .  In  fact ,  they‟re under-parameterized for  that  

purpose.  Al l  r ight .  So the idea that  i f  I look at  the 40 mult iple choice i tems 

on the—in the—eight  or  the f ive constructs  on the math exam, in  the s tate of  
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Arkansas ,  I can diagnose everything that ‟s  wrong with this  chi ld  and why 

they‟re not  learning math is  a  l i t t le  untenable.  

 But  the infusion of  format ive i tems,  addi t ional  i tems at  the 

classroom level  l inked into the longi tudinal  data sets ,  which,  by the way,  in  

my research off ice,  the NORMES si te ,  we seed al l  the data .  Any of  the 

s tandardized achievement  tes t  data,  i f  you ‟re a principal ,  you log in  to  the ED 

stat  portal ,  and al l  your data sets  are seeded on the s ide .  Now, the nice thing 

about  this  is ,  i s  we kind of  know how to bui ld data sets  so i t ‟s  t ransparent ;  

i t ‟s  al l  there.   

 Anything we‟re going to  do,  i t ‟s  there,  you can request  i t ,  but  

more important ly because we use the Business  Intel l igence Sui te through 

SAS, we got  unl imited access  to  what ‟s  cal led “Enterprise Guides. ”   And we 

engineer  Enterprise Guide,  and so the principal  can log in  there,  go into e -

guide,  pul ls  in  their  data set ,  and then they can do any analysis  they want ,  and 

i t ‟s  point  and cl ick,  drive .  We got  support  teams that  work with them on i t .  

 But  i t ‟s  free .  It  doesn‟t  cost  them anything because i t ‟s  part  of  

our sys tem at  the U of  A .  All  r ight .  So i t ‟s  a  real  nice way for  them to do 

research on their  own systems .  Furthermore,  i t ‟s  a  wonderful  way i f  you ‟re an 

educator  and you want  a  professor from Arkansas  State in  Jonesboro to  come 

into your school  system, there ‟s  an analysis  system. There‟s  your data .  You 

can drop and drag i t  r ight  in  there .  You can look at  i t  and i t ‟s  as  clean as  you 

can make i t ,  and i t  doesn ‟t  cost  $20 mil l ion.  

 Okay.  It ‟s  a  much cleaner way,  and i t ‟s  a  way that  I think we can 

get  more researchers  to  use the data systems because just  the ease of  access ,  
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and the principal /bui lding adminis t rator  can,  of  course,  give them access  or  

priori ty i f  they‟re so incl ined.  

 Some interest ing quest ions in  regards  to  the methodology .  

Student  matching.  How are you  going to  do that?  Covariance models .  I saw a 

wonderful  presentat ion poster  where they were explaining al l  the i l ls  of  

educat ion .  If  you control led for  SES and race—okay—that‟s  t rue.  There are 

some clear  correlated t rends between SES and race in  terms of  a chievement .  

 I‟m always t roubled by that ,  though,  because I can ‟t  control  SES 

and I can‟t  control  race .  Right .  I don‟t  know what  the intervent ion is  that  I do 

to  control  race and SES .  I know they‟re different .  What  are the inst ruct ional  

s t rategies  we can do to  address  that  as  opposed to  just  isolate i t ,  as  that ‟s  the 

excuse?  

 Because I can tel l  you r ight  now, working with principals  and 

teachers  and things,  as  soon as  they hear  that ,  i t ‟s  almost  l ike they throw in 

the white f lag and say,  wel l ,  I can ‟t  do that .  The kid is  poor and he ‟s  black or  

that  kid is  poor and he ‟s  whi te .  Well ,  whatever the issue is ,  and i f  so,  you 

need to  real ly think about  the use of  those demographic models .  

 We know there are differences in  performance pat terns .  The 

chal lenge is  what  are you going to  do inst ruct ional ly to  t ry to  el iminate 

differences associated with those different  demographics?  

 What  are the decis ion rules ?  How are you going to  score al l  this?  

 Here‟s  some outcomes .  Professional  development  and report ing 

resul ts .  I think that ‟s  a  major  goal  of  these people with these LDS systems is  

that  they want  to  improve the report ing,  they want  to  improve the data 
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avai labi l i ty,  but  more important ly,  they want  to  l ink i t  to  professional  

development  that  wi l l  real ly help improve sch ool  systems,  which I think is  

awesome.  That‟s  what  we real ly need to  do.  

 Here‟s  an example,  and I was talking about  the gain systems .  

Here‟s  the Arkansas—if you‟re a thi rd grader going to  fourth grade,  you ‟re 

expected to  gain 59 points  in  l i teracy and 59 points  in  math because they‟re 

on the same scale .  Here‟s  a  problem. The s tandard deviat ion in  l i teracy is  

about  90 points ,  and the s tandard deviat ion in  mathematics  is  about  15 points .  

 So a kid goes up 30 points  in  l i teracy,  and he goes up 15 in  math,  

so they go,  by God,  you got  to  do bet ter  in  mathematics  when the math effect  

s ize is  about  half  a  s tandard deviat ion,  whereas ,  in  l i teracy i t ‟s  a  thi rd of  a  

s tandard deviat ion .  They got  the wrong target .  

 You guys fol low?  Now do this  across  t ime,  and we ‟re seeing too 

much of  this ,  because the abi l i ty to  point  and cl ick and drop and drag is  great .  

And these data sets  are awesome,  but  there are some underlying s tat is t ical  

models  and tenets  that  are just  kind of  being dismissed,  and that  concerns me.  

 Look at  how the requirements  decl ine across  t ime,  too .  Because 

i t ‟s  autoregressive and nonl inear .  That‟s  the dis t r ibut ion across  t ime .  So i f  

you don‟t  address  that  in  your models ,  and people don ‟t ,  then you‟ve got  a  

problem. The interpretat ions aren ‟t—we‟re not  sure about  how accurate any 

of  the outcomes are going to  be.  

 Just  ful l  of  good news this  morning,  aren ‟t  I?  All  r ight .  I‟m 

meet ing with the Arkansas  Department  of  Educat ion tomorrow to share some 

of  this  with them, too.  
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 [Laughter . ]  

 MR. MULVENON:  I‟ l l  cal l  and let  you know how i t  went .  

 The t ransparency is  also a big piece of  this .  Make i t  as  

t ransparent  as  possible .  Right .  So the report ing—these were some growth 

reports  that  we have,  that  we put  out  actual ly .  Here‟s  a  s tudent  report  level  

that  a  principal  can get .  

 Now, I don‟t  know if  you can see i t ,  but  i f  on the f i rs t ,  second,  

thi rd,  fourth column i t  says expected growth.   

 If  go down that  l i s t ,  you ‟re going to  see kids  with negat ive 

growth expected values .  Those are high-performing kids ,  and they use this  

t rajectory,  and the bot tom l ine is  the kid can decl ine .  If  he decl ines  by 70 

points ,  hey,  you s t i l l  made i t .  See,  that ‟s  a  problem.  

 Now, I take al l  that  data and I analyze i t ,  and I ‟m using this ,  I‟ve 

got  issues  because i t ‟s  a  confounding resul t .  Al l  r ight .  So i t  creates  some 

interest ing conundrums in thinking about  how we ‟re going to  do this .  

 That‟s  real ,  by the way.  And,  yeah,  I lobbied long and hard at  the 

Department  of  Ed when they were making the decis ion about  whether  to  al low 

people with the decl ining s lopes to  be included as  proficient .  

 I los t .  But  I fought  the good f ight ,  and i t  was a pol icy decis ion 

because they fel t  that  they were moving i t  forward to  get  growth models  

int roduced into the terminology and into the process ,  and I got  to  admit  th ey 

were correct .  It ‟s  been beneficial .  But  these are things I think in  the second 

i terat ion that  you address .  

 Subgroups and how they perform, I think that ‟s  always good .  All  
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r ight .  These are quest ions that  people are doing,  which I think is  good .  Okay.  

Thank you,  Lee.  

 Interest ing.  Evaluat ing why s tudents  did,  did not  make expected 

progress .  These are al l  outs tanding types of  things that  people should be 

looking at ,  and they are looking at ,  which is  good.  

 Which s tudents  at  the classroom and s tudent  level ?  I also think 

you got  to  be real  guarded about  individual  s tudent  evaluat ions .  Of course,  we 

want  to  look at  how individual  s tudents  are doing .  But  the uni t  of  measure 

real ly is  the classroom level  as  opposed to  the individual  s tudent  level .  

 So be caut ious about  that ,  and I get  real  sensi t ive to  that  because 

you hear  these s tories  about ,  wel l ,  you know, Johnny is  measured in  s ix  

categories .  He‟s  poor,  he‟s  whi te,  he‟s ,  wel l ,  he‟s  free and reduced lunch .  

He‟s  in  a special  ed program so—and he‟s  in  the combined category.  

 So for  math and reading,  Johnny is  measured eight  t imes,  but  

NCLB is  actual ly about  groups .  It ‟s  not  about  individual  s tudents .  It ‟s  

actual ly about  groups of  s tudents  and whether  they ‟re underserved .  So i t ‟s  an 

important  thing to  examine.  

 I think i t ‟s—here‟s  some quick examples  I ‟m going to  show you .  

Professional  development;  publ ic report ing of  school  performance—that  I 

think are real ly,  they‟re good.  They‟re good examples  of  where they‟re doing 

some things with these LDS systems to look at  how we‟re doing in  the 

schools ,  and there are different  ways you can index  this .  

 Now, here‟s  an ITBS l i teracy exam . Now, this  part icular  school  

dis t r ict  got  a  grant  from a company cal led Wal -Mart .  Anybody heard i t ,  heard 
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about  i t?  Pret ty much everywhere now.  

 Anyway,  but  when they were asked about  the methodology,  i t  was 

put  on that  they had to  do fal l /spring ITBS,  complete bat tery .  So they had a 

basel ine when the kids  came in and an ex i t  point  when they level .  

 Oh,  and we didn‟t  do the tes t ing three mont hs before the end of  

the year .  We did i t  2  weeks before the end of  the school  year  and 2 weeks 

after  the school  year  began .  So we got  a  real ly good blocking of  what ‟s  going 

on,  but  look at  this  t rend here;  i t  looks l ike i t ‟s  a  long tai l  to  the r ight .  

 So they‟re comparing these kids .  Anything above 70 is  good .  

Because you index  against  something .  You got  a—a key of  al l  of  this  is  we 

got  to  convert  i t  f rom the HLM and the equipercent i le  models  and al l  this  

language that  the layman doesn ‟t  understand into things that  they do 

understand.  

 And of  the things that  we ‟ve done is  we‟ve taken this  data,  and 

we‟ve renormed i t  and t ransformed i t  into these values  where 70 is  the norm . 

We picked 70 because everybody knows 70 is  passing so i f  you ‟re above 70,  

that ‟s  good.  If  you‟re below 70,  that ‟s  bad.  Wow. I can walk in  a room in a 

minute and explain that  to  parents ,  and that ‟s  al l  they need to  know.  

 Okay.  So in  this  part icular  case,  they‟re wel l  above 70 when 

indexed against  the nat ional  norms .  But  see them decl ining off .  Pat terns  and 

t rends are important  in  this  game .  It ‟s  the same in mathematics .  So i t  wasn‟t  

just  isolated with l i teracy.  

 Something is  going on in  this  dis t r ict .  But  what  a  great  target  

point  for  their  curr iculum people to  get  involved and s tar t  f iguri ng out  what  
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this  is .  The tendency would have been just  to  go down here to  tenth grade and 

go,  look,  we‟re above the nat ional  average and qui t .  But  look at  that  s teady 

decl ine,  regardless  of  whether  i t ‟s  l i teracy or  mathematics .  

 Here‟s  an example—real  case—we talk about  at  the teacher level ,  

I know that  the—okay.  Thank you .  I‟ l l  wrap i t  up here .  Just  one more,  two 

more s l ides .  This  teacher—this  is  a  real  case .  Now if  you look at  those 

reading scores  down there,  and she ‟s  doing a horrible job .  So what ‟s—oh,  

she‟s  that  bot tom ten percent  they were talking about ;  Secretary Duncan was 

talking about  yesterday.  

 Well ,  actual i ty,  that ‟s  year  1 ,  year  2 ,  and year  3  of  that  teacher ‟s  

teaching career .  She was a newbie .  The teachers  two and three had been 

around for  a  couple hundred years .  They were pros .  

 [Laughter . ]  

 MR. MULVENON:  Okay.  The principal  was able to  work with 

one of  those teachers  to  help this  lady,  and they sent  her  to  reading programs,  

and she t ransformed her  reading .  She was an excel lent  teacher;  she w as just  

new, needed some help.  

 So these are things that  i f  you are proact ive with these types of  

models ,  people are much more exci ted about  using and l inking i t  to  teachers  

because i t ‟s  not  used as  a  hammer;  i t ‟s  used in  a product ive way.  

 Example of  a  school  dis t r ict  that  isn ‟t  doing as  wel l .  A school ,  

wel l ,  they‟re above the nat ional  average,  but  you look at  their  growth relat ive 

to  one that ‟s  doing real ly wel l ,  and they both have the same growth .  Not  

closing the achievement  gap,  but  doing very wel l .  So,  again,  indexing and 
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making i t  relat ive.  

 There‟s ,  I think,  growth models  defini tely work in  educat ion .  

There‟s  a  lot  of  exci t ing things that  people are t rying to  do,  and the one 

caveat  emptor thing I wanted to  share was we got  to  do a bet ter  job of  

educat ing people on some of  the methodology concerns and the s tat is t ical  

parameters  that  go behind i t ,  beyond just  bui lding the data sets .  

 Thank you.  

 [Applause.]  

 DR. HANNAWAY:  Hi .  Thanks for  invi t ing me .   

 This  is ,  I think what  I ‟m supposed to  do here is  tal k about  what  

sort  of  f indings are coming out  of  these State Longi tudinal  Data System based 

research that  have implicat ions for  pol icy .  And that ‟s  what  I‟m going to  do.   

 So,  f i rs t  of  al l ,  let  me just  set  the s tage a l i t t le  bi t .  I think 

everyone agrees  the U.S.  educat ion system is  in  t rouble at  the system level .  

About  half  of  minori ty kids ,  only about  half  are graduat ing from high school ;  

four-year  grade gap between white and minori ty s tudents  by 12th grade;  15 

percent  of  minori t ies  get t ing BAs 9 years  af ter  ninth grade.  

 Everyone agrees :  t rouble .  In  order  to  get  anything done,  we need 

both the wil l  and the way,  and I ‟m not  t rying to  make this  into a rel igious 

presentat ion,  but  I think the wil l  i s  there—my own judgment .  It  seems that  

there is  pret ty much agreement  on the lef t ,  the r ight ,  and center  that  we do 

have real  serious problems in educat ion;  lots  of  s t range bedfel lows on t rying 

to  f igure out  solut ions.  

 And the problem I see is  the way.  So I think the pol i t ical  wi l l  i s  
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there i f  we can show the way.  And we have few guideposts  about  what  to  do 

to  solve the educat ion problem, but  we do have a few.  

 And the way we‟re f inding the way is  through these State 

Longi tudinal  Data Systems .  Obviously,  they can ‟t  answer al l  quest ions,  but  I 

think they are giving us  s ome important  insights .  So s tates  have the makings 

of  the evidence in  order  to  indicate how to proceed,  and I think i t ‟s  one of  the 

most  important  effects  of  NCLB, is  the creat ion of  accountabi l i ty systems and 

the creat ion of  these Longi tudinal  Data System s.  

 What  do we know? This  is  what  we know so far ,  and these are 

f indings that  have come out  of  research using State Longi tudinal  Data 

Systems.  I might  add that  these f indings are CALDER findings,  as  wel l  as  

f indings by other  researchers .  They‟re f indings that  hold across  s tates ;  they‟re 

f indings that  hold across  tes ts ;  they‟re f indings that  hold across  mult iple 

s tudies .  

 So they‟re pret ty sol id  f indings,  and they‟re giving us  the basis  

for  beginning.  Firs t  of  al l ,  teachers  mat ter—single  most  important  schoo l ing 

contr ibutor  to  s tudent  outcomes.  

 I remember the day when around schools  of  educat ion,  there was a 

lot  of  talk—and in the social  science research community—that  schools  real ly 

could not  have much impact  on s tudent  outcomes;  that  s tudent  outcomes were 

driven by s tudent  background characteris t ics .  And certainly s tudent  

background characteris t ics  are and what  goes on at  home is  an important  

piece of  the puzzle,  but  i t ‟s  not  a  determining factor .  

 Indeed,  there is  wide variat ion across  teachers  in  terms of  their  
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effect iveness  and in  terms of  the gains  that  they get  from students ,  and this  is  

real ly,  real ly important  because teachers  are get t ing these gains  with poor 

kids;  they‟re get t ing these gains  with minori ty kids;  they ‟re get t ing these 

gains  with white  kids;  they‟re get t ing these gains  with middle -class  kids .  

 It ‟s  the teachers  that  are driving i t .  Some teachers  are just  a  

whole,  whole lot  bet ter  than other  teachers .   

 And this  gives  us  a key insight  into what  we should be doing in  

terms of  educat ion po l icy because educat ion is  fundamental ly a human capi tal  

enterprise .  It ‟s  labor intensive;  i t ‟s  people that  drive the work .  So those 

differences among people,  both in  who they are and what  they do,  are 

important .  

 We know a lot  more from these data systems about  who they are;  

we don‟t  yet  know a whole lot  about  what  they do,  al though we ‟re t rying to  

team together  with people that  are paying at tent ion to  what  is  actual ly going 

on in  the classroom behavioral ly,  as  wel l  as  to  who ‟s  doing i t .  

 Now, the other  thing we‟ve learned,  and this  is  something that  

holds  across  s tudies ,  across  s tates ,  across  tes ts ,  i s  that  our s tandard measures ,  

the measures  that  we‟re using to  manage the human capi tal  in  this  enterprise,  

the indicators  of  qual i ty are weakly related,  at  be st ,  to  s tudent  outcomes.  

 So these are things l ike cert i f icat ion,  years  of  experience,  

graduate degrees .  They cost  us  a  whole lot  of  money,  but  we aren ‟t  get t ing 

much payoff  in  terms of  s tudent  outcomes.  

 So these—I don‟t  think anyone would disagree with t hese three 

basic points ,  and I think they give us  this  set -up for  where research should be 
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going i f  we real ly want  to  leverage greater  s tudent  achievement ,  which I think 

we do.  

 So we know that  teachers  mat ter .  We don‟t  know a lot  about  what  

i t  i s  about  teachers  that  mat ter .  So i t ‟s  our big,  big puzzle.  

 I‟m going to  talk about  three research probes .  The research we do 

does not  resul t  in  pol icy prescript ions,  to  a  large ex tent ,  but  they do resul t  in  

bet ter  defini t ion of  what  the issues  are and,  therefore,  g ive us  some direct ion 

in  terms of  how to shape pol icies .  

 And I‟m going to  talk about  three areas  of  research coming out  of  

CALDER: teacher maldis t r ibut ion;  teacher select ion;  and teacher mobi l i ty;  

and these are related.  

 One s tudy that  we‟re in  the middle  of  r ight  now, and I probably 

shouldn‟t  even be talking about  i t ,  but  I ‟m going to  talk about  i t  anyway,  and 

some of  these f indings are sort  of  hot  off  the press ,  but  I think they give an 

example of  what  we‟re s tar t ing to  f ind.  

 This  was a s tudy that  we‟re in  the middle of  for  the Department  

of  Educat ion,  where they asked us  to  compare the value -added of  teachers  in  

high- and low-poverty schools .  We used both North Carol ina and Florida data 

in  doing this  so we have very,  very large data sets .  We‟re doing i t  in  two 

different  s tates ,  again different  sets  of  tes ts ,  di fferent  pol icy environments .  

 The basic f indings that  we have is  that ,  lo  and behold,  there is  on 

average higher value-added among teachers  who are in  low -poverty schools  

than teachers  in  high -poverty schools ,  but  the differences are very,  very smal l  

and often aren‟t  s ignif icant  in  some of  the comparisons .   
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 I think this  is  pret ty important  because a lot  of  people would have 

predicted based on levels  that  the differences would indeed be very large .  

However,  data also showed us  that  the variat ion within the high -poverty 

schools  was s ignif icant ly larger .  The variat ion in  teacher effect iveness  in  the 

high-poverty schools  was s ignif icant ly larger  than i t  was in  the low -poverty 

schools .  This  is  important ,  I think.  

 Let  me show i t  to  you graphical ly .  This  is  North Carol ina 

elementary math,  and you can see that  when you look at  the value -added of  

teachers  who are in  the 90th percent i le ,  they‟re very s imilar  in  the high -

poverty and lower-poverty schools .  This  isn‟t  even looking at  the ex tremes of  

the low-poverty schools .  

 It ‟s  looking at  comparing schools  that  were at  least  70 percent  

free and reduced price lunch to  schools  that  were beneath that .  And what  you 

see is  this  spread is  at  the bot tom, that  the teac hers  in  the bot tom deci le ,  

those who are in  high -poverty schools  are a lot  worse than teachers  who are 

in  the bot tom deci le  in  the high -poverty schools .  

 Now, this  is  important  because i f  you think of  a  kid going through 

a school ,  a  kid goes from teacher t o  teacher .  Well ,  that  poor kid .  I mean that  

poor kid in  the high-poverty school  could have the knock -your-shoes-off  

teacher one year ,  and the next  year  have one of  these real ly bad teachers  and 

just  real ly get  pul led down.  

 So the kid goes year  to  year ,  an d the variat ion within the school  

is  important ,  and we know from most  of  our research that  the variat ion of  

teacher effect iveness  or  teacher value -added,  as  measured by tes t  scores—
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yes—is about  as  great  wi thin school  as  i t  i s  between school .  Important  pol i cy 

observat ion.  

 Florida .  Look at  this .  Similar  f indings except  that  we even see 

that  the top teachers  in  the high -poverty schools  in  Florida exceed the top 

teachers  on average of  the lower -poverty schools  in  Florida .  We see i t  

switches again at  the bot tom .  

 So there‟s  something about  variat ion within school  that ‟s  

important ;  there‟s  something about  variat ion within school  that  seems to be 

somewhat  systematic .  And this  has  pol icy implicat ions.  

 You know, one,  is  in  terms of  the learning t rajectory of  kids  as  

they go from teacher to  teacher in  terms of  pract ice.  

 A second one is  how we think about  accountabi l i ty pol icy .  So i f  

we have accountabi l i ty pol icy that  is  confined to  school - level  measures ,  then 

we are s lamming—some schools  that  we‟re saying are not  making adequate 

progress  or  that  are low-performing,  there are teachers  in  those schools  who 

are being labeled as  being in  the low -performing schools  who are terr i f ic .  

They‟re just  as  terr i f ic  as  teachers  elsewhere.  

 So i t ‟s  real ly important  about  how we th ink of  accountabi l i ty,  

how we give credi t  where i t ‟s  due,  how we hold individuals  accountable for  

what  they‟re doing,  and how they‟re contr ibut ing to  the whole school .  

 General  f inding.  Novice teachers  are less  effect ive than 

experienced teachers ,  and retu rns  to  experience tend to  taper  off  three to  5  

years  out .  Again,  this  is  a  general  f inding .  It  holds  across  s tates ,  across  

s tudies .  It ‟s  here.  
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 What  is  often not  s tated,  however,  and when you talk,  sometimes 

when you talk to  people in  the pol icy community,  they jump on this ,  and they 

say,  okay,  that  gives  us  our answer .  Let‟s  go in ,  we‟l l  have no more low-

experience teachers  in  the most  chal lenging schools .  

 Well ,  there‟s  some sense to  that ,  but  here is  the dis t r ibut ion .  

Again,  this  is  North Carol ina .  This  is  in  the high-poverty schools .  The sol id  

l ine is  al l  novice teachers .  The dash l ine are teachers  with 1 to  2  years  

experience,  and the dot ted l ine is  teachers  with 3 to  5  years  experience.  

 And this  is  the f inding that  we general ly have that  argues that  

inexperienced teachers  are less  effect ive than experienced teachers ,  but  what  

I want  you to pay at tent ion here is  not  the movement  of  this  dis t r ibut ion,  

which is  moving up the product ivi ty l ine there,  but  I want  you to look at  the 

overlap .  The overlap is  huge.  There‟s  lots  of  new teachers  that  are real ly 

qui te terr i f ic ,  and there ‟s  lots  of  very experienced teachers  that  real ly aren ‟t .  

 So while we have this ,  you know, average movement ,  we don ‟t  

have the solut ion .  We‟re nowhere near  the solut ion in  terms of  t rying to  

understand teacher product ivi ty and t rying to  develop pol icies  that  lead to  

more highly product ive teachers  in  the classroom, especial ly in  classrooms in 

highly-chal lenged schools .  

 This  is  in  a  low-poverty school .  It ‟s  the same pat tern of  

movement  up.  Looks l ike the learning happens a l i t t le  bi t  fas ter  there,  but  i t ‟s  

another  s tory.   

 Maldis t r ibut ion .  I‟m going to  show some f igures .  This  is  work 

that  was done by our CALDER New York partners ,  Susanna Loeb and Don 
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Boyd and J im Wyckoff  and Ham Lankfo rd,  in  New York City,  and there was a 

pol icy shif t  in  New York City which phased out  emergency cert i f icat ion .  So 

emergency cert i f icat ion in  many large ci t ies  were teachers  that  were—I don‟t  

know—close to  dragged in off  the s t reet  at  the las t  minute and put  in  the 

classroom because typical ly the whole hir ing cycle is  very late in  big ci t ies .  

 So they said no more .  And they opened up pathways for  

al ternat ive route teachers .  These are mainly New Teacher Project  teachers  and 

TFA teachers .  

 This  is—and the characteris t ics  of  teachers  in  those schools  

shif ted quickly and shif ted fai r ly dramatical ly,  and these are some indicators .  

So this  is  the fai lure rate of  elementary schools ‟  teachers  by the poverty 

quart i le  of  the school  in  which they teach .  And what  I want  you to pay 

at tent ion to  is  the blue l ine,  which is  the poorest  schools ,  and you see the 

shif t  in  pol icy.  Boom. Big shif t  in  who‟s  in  those schools .  

 Look at  the green l ine .  The green l ine is  the low-poverty schools .  

Pol icy didn‟t  have much of  an effect  ther e.  These are the new teachers  so 

when you look at  who the new teachers  are ,  coming in,  you real ly saw a big 

shif t  in  terms of  who are in  those schools  as  a  consequence of  a  relat ively 

s imple pol icy change ,  in  terms of  select ion and recrui tment .  

 With what  effect?  Okay.  And this  happened fast .  I mean we‟ve 

been wai t ing decades and decades for  effect .  This  happened fast .  Firs t  two 

bars  are the most  aff luent  deci le  schools ,  2001,  2005 .  Second two bars  are the 

poorest  deci le  schools ,  2001,  2005.  

 What  we see is—yeah—I mean the most  aff luent  schools  are more 
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effect ive,  get t ing bigger s tudent  achievement ,  than the lower deci le  schools ,  

but  look at  the shif t .  I mean the big increase in  the poorest  deci le  schools  was 

qui te large,  and the las t  two bars  show the gap,  and what  that  indicates  is  that  

there was almost  a  25 percent  reduct ion in  the achievement  gap between those 

two sets  of  schools  as  a  consequence of  recrui tment  and select ion of  the 

individuals  who were going into those schools .  

 I won‟t  get  into a lot  about  what  they did,  but  you can see the 

characteris t ics  of  teachers  who are in  these schools  and how they shif ted in  

terms of ,  you know, passing the exam, cert i f ied or  not ,  math SAT, 

compet i t iveness  of  col lege,  but  their  characteris t ics  alone shif ted.  

 Again ,  the point  at  the bot tom is  real ly important .  These are 

based s imply on the at t r ibutes  of  those teachers .  Clearly,  any comprehensive 

program to improve s tudent  achievement ,  reduce achievement  gap,  would also 

include monitoring,  development  and select ive r etent ion.  

 Okay.  A l i t t le  bi t  more about  teacher select ion,  and this  is  a  s tudy 

that  we did relat ively recent ly on Teach for  America .  Let  me give you a word 

of  caut ion here .  When we s tar ted this  s tudy,  we were working with the data 

from a large ci ty dis t r i ct  that  had a lot  of  Teach for  America teachers ,  real ly 

wanted this  s tudy done,  and i t  was a terr i f ic  school  dis t r ict .   

 They were going to  give us  open access  to  the data,  real ly wanted 

i t ,  so we would have resul ts ,  could turn i t  r ight  over to  decis ion  makers  

because they want  to  know are we real ly get t ing much payoff  here?  

 So we s tar ted working with their  data .  It  took us  months and 

months and months to  get  the data from them, and they put  i t  together ,  and 
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i t ‟s  di ff icul t  to  put  these data systems togethe r ,  as  has  been suggested,  

because you have the HR fi les  with al l  the teacher data in  them, and you have 

the s tudent  f i les ,  and these are completely different  s i los  or  have been.   

 And you have to  merge them and then you have to ,  you know, l ink 

them to schools ,  l ink them over t ime,  so there ‟s  a  lot  of  data manipulat ion 

there.  

 So we get  the data,  something just  made me uneasy .  It  jus t  made 

me uneasy.  And so I went  to  TFA, talked to  the dis t r ict  and said,  you know, I 

want  to  confi rm that  the f lags  we have for  TFA people in  your f i le  conform to 

who TFA thinks they have in  the dis t r ict .  Because this  is ,  I mean this  is  our 

cr i t ical  indicator  variable .  25 percent  overlap.  

 So i f  we hadn‟t  done that  check,  we would have come out  with a 

s tudy on TFA where only 25 pe rcent  of  the teachers  were actual ly TFA 

teachers .  And so we talked to  the school  dis t r ict ,  and they were,  I mean this  

school  dis t r ict  was terr i f ic ,  and they were,  you know, I think i f  we went ,  and 

they were moving fast ,  and I think i f  we went  back to  them this  year ,  they‟d 

probably be al l  clean and ready to go with this  s tuff .  

 But  we went  back to  the school  dis t r ict ,  and I said,  um, you know, 

I just  got  to  jump,  I just  can ‟t ,  you know, I don‟t  t rust  the data,  I just  can ‟t  do 

anything.  

 So we jumped to North Carol ina,  whose data we had worked with 

a lot ,  and we knew the data wel l ,  and we t rusted the data,  where they have 

end-of-course exams,  and so we focused on secondary schools ,  mainly math 

and science teaching,  and est imated the effect  of  TFA secondary sc hool  
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teachers  in—relat ive to  other  teachers  in  North Carol ina.  

 What  I want  you to compare is  the top l ine is  the TFA effect ;  the 

next  three l ines  are teachers  with more experience .  The f i rs t  column is  TFA 

versus al l  other  teachers .  Second column,  we‟re comparing TFA with other  

teachers  who are also completely ful ly l icensed in  f ield .  And as  you see,  in  

the f i rs t  column,  we get  more than a TFA impact ,  more than twice the impact  

of  experienced teachers .  

 Next  one,  nearly twice the impact  of  experienced teach ers  also 

l icensed in  f ield .  We did a f i rs t  vers ion of  this  and got  a  cal l  f rom the AFT .  

And the AFT asked us  a very reasonable quest ion,  and one of  the good things 

and bad things about  when you ‟re working with these data f i les  is  you can 

never give the response,  oh,  wel l ,  that  wasn ‟t  the quest ion we were asking or  

we didn‟t  col lect  data to  address  that  quest ion .  You‟re never done.  

 So AFT asked us  a very reasonable quest ion .  They said would you 

get  the same effects  i f  you confined the comparison to  teachers  who had gone 

through a North Carol ina ful ly-cert i f ied program?  In other  words,  not  

teachers  who were cert i f ied because they got  a  course here and a course there,  

came in from out  of  s tate,  and,  you know, basical ly got  a  mishmash .  Very 

good quest ion.  

 So we went  and we redid the analysis  because you know we got  

the data,  we can do i t .  And we got  the same effects ,  nearly three t imes the 

effect .  So this  is  select ion .  There‟s  something that  goes on in  select ion that  

can have a big effect .  Now, I want  to—this  s tudy has  got ten a lot  of  at tent ion .  

I want  to  qual i fy i t  a  l i t t le  bi t .  
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 Al l  we‟re talking about  here is  secondary school  teachers ,  and 

mainly in  math and science,  and i t  conforms with earl ier  s tudies  that  showed 

that  teachers  who have s t ronger backgrounds in  mathematics  who are teaching 

secondary school  mathematics  get  bet ter  gains  from their  s tudents .  So this  is  

not  sort  of  a  wild f inding,  but  what  i t  means is  the recrui tment  and—okay—

recrui tment  and select ion and assignment  procedures  can have a big effec t  on 

s tudent  achievement .  

 I think from a pol icy point  of  view,  they also cal l  into quest ion 

whether  we should be thinking about  secondary school  teachers  different ly 

from the way we think about  elementary school  teachers ?  Are there different  

characteris t i cs  that  are important  for  secondary school  teachers?  

 How important  is  experience?  You know what  is  the balance 

between experience and expert ise and how do you think about  this ?  So what  i t  

does ,  again,  i t ‟s  a  research probe .  It  opens quest ions as  opposed t o  coming up 

with solut ions .  The solut ion is  not  have TFA take over the world .  It ‟s  not  

going to  happen .  But  there are,  I think,  some pol icy issues  here that  get  raised 

by the f indings .   

 Teacher mobi l i ty.  Again,  f inding we have across  a number of  

s tudies ,  number of  researchers ,  number of  s tates ,  and mobil i ty is  highest  at  

the most  chal lenging schools .  That‟s  where you see the most  churning .   

 What  we have recent ly found—and this  is  wi th data from North 

Carol ina,  Texas,  New York City—the f i rs t  to  leave are t he worst  teachers .  A 

lot  of  people always talk,  wel l ,  the f i rs t  to  leave are those who have opt ions .  

You know the most  talented are going to  leave .  Uh-uh,  i t ‟s  the worst  teachers  
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who are leaving f i rs t .  This  is  a  good thing .  It  means there is  some natural  

purging that  goes on ,  that  teachers  are making select ions.  

 And i t  doesn‟t  mean that  these worst  teachers  weren ‟t  working 

hard.  I mean teaching is—I did i t  for  a  year—hardest  job I‟ve ever  had .  It ‟s  

hard work .  And i t ‟s  no fun to  walk into a job everyday whe re you‟re basical ly 

knocking your head against  the wal l .  So i t  shouldn‟t  be surpris ing that  there 

is  some self -select ion that  goes on that  where the bot tom teachers  leave .  Not  

enough of  them, I might  add,  but  they‟re the f i rs t  to  leave.  

 There‟s  also a general  tendency across  al l  teachers  to ,  over  t ime,  

leave the most  chal lenging schools  and move to the more aff luent  schools .  

Now, my point  here on teacher mobi l i ty is  that  we can ‟t  get  a  good picture of  

pol icy prescript ions by just  taking snapshots  of  school s  because teachers  are 

mobile .  This  is  a  dynamic s i tuat ion.  

 So you can‟t  solve the problem by get t ing the best  teachers  into 

the worst  school  and think „done,‟  because teachers  are going to  move around .   

 Okay.  The topic of  the day.  This  is  what  everybody is  talking 

about ;  r ight?  Performance incent ives .  Well ,  the f i rs t  quest ion I would ask 

from, you know, the research we ‟ve been doing is ,  wel l ,  what ‟s  the object ive 

here?  What‟s  the object ive of  performance incent ives  in  educat ion ?  What  are 

we t rying to  ach ieve?  

 Are we t rying to  do i t  in  order  to  improve recrui tment  and 

select ion?  I think this  is  part  of  the s t rategy of  Michel le Rhee .  She thinks i f  

there are more rewards for  product ivi ty,  that  i t  wi l l  at t ract  in  a  different  

teaching pool .  I don‟t  know if  th is  is  t rue or  not .  I don‟t  think anyone does,  
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but  i t ‟s  certainly a theory.  

 You certainly change the r isk profi le  of  this  job so there are some 

people who are not  going to  want  to  come into a teaching s i tuat ion under 

those condi t ions .  Is  this  good or  is  i t  bad?  We don‟t  know, but  i t  defini tely is  

going to  affect  recrui tment  and select ion into the profession and we should be 

there to  f igure out  ways i t  does .  

 Retent ion/deselect ion .  Rick Hanushek and other  people,  l ike 

Secretary Duncan,  are talking a lot  abou t  retent ion and deselect ion .  So again 

these performance measures  being used to  reward and keep the best  teachers  

in  these chal lenging schools ,  for  example,  are—five—got  i t—are they used 

to—wil l  they be used to  weed out  the bot tom?  

 Third ,  is  the purpose of  performance incent ives  to  induce greater  

effort?  Teachers  get  insul ted,  and I think many of  them for  good reason,  when 

you say the reason we‟re put t ing in  performance incent ives  is  because we 

want  you to work harder ,  and they go what ?  You know many of  them are 

working—many of  them may not  be able to  do i t .  I mean i t ‟s  real ly hard to  do .  

We don‟t  know what  the magic is  that  these t remendous teachers  have,  but  a  

lot  of  them are there,  you know, knocking themselves  out  t rying to  do i t .  

 So we have to  think about  whether  i t ‟s  inducing effort  that  we ‟re 

t rying to  get  at  because i t  affects  what  we look for  in  terms of  outcomes when 

these performance incent ives  get  put  into place.  

 Okay.  There are issues ,  r ight ,  wi th performance incent ives .  Firs t ,  

how good are the  measures?  This  is  cr i t ical .  There‟s  measurement  error .  

There is  variabi l i ty from year to  year  in  these measures ,  al l  of  which affect  



 
 

VSM   51 

how they can be used fai r ly and improve the system.  

 Issues  about  whether  we should have individual  or  school  

rewards .  The chart  I put  up before that  looked at  the variat ion within school  

makes us  ask this  quest ion .  What  is  the balance?  Certainly there are costs  of  

having only school  rewards .  We don‟t  want  teachers  compet ing with each 

other .  We don‟t  want  to  reduce cooperat io n and learning across  classrooms ,  

so the balance between these two is  cr i t ical .  And what  about  the teachers  

without  tes t  scores?  Lots  of  teachers  don‟t  have tes t  scores .   

 Value-added measures .  Again,  we have problems of  year - to-year  

variabi l i ty in  these m easures .  We have measurement  error  associated with 

these measures .  A lot  of  debate about  the ex tent  to  which the s tat is t ical  

s t rategies  we use deal  with the nonrandom sort ing of  teachers  and s tudents .  

 These are al l  important  issues .  How serious are they?  I don‟t  

think they‟re terr ibly serious for  pol icy research because I think a lot  of  these 

issues  cancel  themselves  out  with these huge data sets  that  we ‟re working 

with .  They‟re much more serious when we ‟re talking about  individual  s takes  

for  teachers .  

 Just  quickly—and I‟m going to  wrap up in  just  one second—to 

give you an idea of  how good these measures  are,  one indicat ion of  how good 

or  bad they are,  and i t  depends how you see this—these are three different  

s tudies  that  looked at  the performance of  teach ers  sort  of  pretenure and post -

tenure.  So the quest ion is  how good do they predict  the longer - term 

performance of  teachers?  

 And the number before the s lash is  teachers  that  were in  the top 
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quint i le  before and were in  the top quint i le  af ter .  So we‟ve got  46 percent ,  29 

percent ,  22 to  32 percent ,  depending on the model .  But  you can see that  

somewhere between a thi rd and close to  a half  of  the teachers  that  were at  the 

top pretenure were also at  the top post - tenure.  

 Is  this  big or  is  this  smal l ?  You know you  are going to  make some 

errors  i f  you do this .  Similarly,  at  the bot tom, you see s imilar  numbers  at  the 

bot tom. If  you‟re in  the bot tom quint i le  before,  are you in the bot tom quint i le  

af ter?  Clearly,  i t ‟s  not  perfect  predict ion .  Some people would say but  i t ‟s  not  

bad.  

 So what  are the overal l  implicat ions coming out  of  this ?  Number 

one,  I think we should be using value -added measures  freely for  research 

purposes ,  t rying to  do the analysis  as  best  we can,  s imultaneously t rying to  do 

the technical  s tudies ,  t r ying to  understand the weak underbel l ies  of  these 

measures .  And i f  you go on the CALDER si te ,  you can see both technical  

papers  t rying to  get  at  these measures  as  wel l  as  substant ive pol icy papers .  

 Individual ,  using for  individual  teachers .  My own persona l  

feel ing is  that  this  is  important  informat ion and we don ‟t  want  to  suppress  

informat ion .  Do we want  to  use i t  mechanical ly?  No,  we don‟t  want  to  use i t  

mechanical ly.  We know i t ‟s  not  perfect .  We know there are problems with i t .  

We want  corroborat ing evid ence,  and there‟s  lots  of  research just  s tar t ing up 

now looking to  see the ex tent  to  which value -added measures  can be 

corroborated with things l ike principal  judgment ,  judgment  of  peers ,  

observat ion in  the classroom, in  order  to  get  some corroborat ion,  bu t  my own 

personal  feel ing is  this  value -added informat ion is  good enough that  i t  should 



 
 

VSM   53 

be on the table.  

 It  should be on the table to  help with professional  development;  i t  

should be on the table to  help with making decis ions about  who s tays  and who 

doesn‟t  s tay.  And,  yeah,  there ‟s  probably going to  be some error  and who ‟s  

going to  bear  the r isks ?  The teacher or  the kids?  

 If  I could change one thing,  and I ‟m speaking now as  a researcher 

in  the pol icy community r ight  now, what  I would want  to  do is  move th e 

tenure date out  because i f  we have more data,  we have more informat ion and 

can make bet ter  decis ions.  

 Right  now a number of  jurisdict ions,  teachers  get  tenure af ter  2  

years .  I think there are only a couple of  s tates  that  go up to  4  years ,  but  you 

could imagine i f  we could move this  whole thing out  to  5  years ,  real ly get  

over this  learning curve part ,  real ly get  some bet ter  es t imates  of  the 

predict ive val idi ty of  prior  performance,  then I think with,  you know, ini t ial  

select ion and then what  goes on in  th e schools  af ter  these teachers  get  hi red,  

we could real ly boost  the whole product ivi ty of  this  system up.  

 MS.  HOFFMAN:  Thank you.  

 [Applause.]  

 MS.  HOFFMAN:  I‟m not  going to  s t ruggle with that  one .  We 

have,  I think,  two minutes  for  quest ions,  and we ‟ve been asked i f  you do have 

a quest ion,  would you please use the microphone and give your name so that  

the t ranscriber  can get  the informat ion down correct ly?  

 MR. WHITE:  I‟m Andy White .  I‟m with the Center  for  Educat ion 

Stat is t ics ,  and I‟m a research s tat i s t ician.  



 
 

VSM   54 

 For Dr.  Hannaway,  the teacher thing is  old terr i tory here,  and I ‟m 

going to  s tep r ight  into the old part ,  but  I kind of  wish you wouldn ‟t  cal l  them 

“worst .”   Maybe unproduct ive,  ineff icient .  

 DR.  HANNAWAY:  Okay.  

 MR. WHITE:  Because worst  means,  you know, let ‟s ,  where‟s  the 

f i r ing squad,  I mean,  and through these data sets ,  the real  quest ion is  have 

you seen a way to f ind out  what ,  in  the f i rs t  3  or  4  years  these 

underperforming teachers ,  i s  someone doing something ?  Like you showed one 

s l ide where they paired them with an effect ive teacher,  and then i t  popped up .  

The person‟s  performance popped up in  the fourth year ,  I bel ieve.  

 Can we see any,  any on -the-job changes,  any effort  to  f ind out  i f  

this  person is  just  misplaced or  is  missing tools ,  sho uld be a teacher or  

should be,  or  should get  some help and then might  be a teacher ?  Because 

we‟ve got—this  is  a  big job pool .  Just  because you shoot  some of  them 

doesn‟t  mean that  wading out  in  our job pool  we ‟ve got  effect ive teachers  

who don‟t  know they‟re teachers  yet .   

 So can the data help that?  

 DR. HANNAWAY:  Well ,  let  me take issue with something you 

s tar ted with,  though,  that  this  was sort  of  old hat .  In  fact ,  i t ‟s  not  so old hat .  

You know these are f indings within the las t  basical ly 5  years .  

 MR. WHITE:  My mistake.  

 DR. HANNAWAY:  So,  and then to  your next  point ,  what  do we 

do about  i t ,  and I think that ‟s  where we‟re moving,  what  to  do about  i t .  Firs t  

i s  ident i fying the issue ,  so the issue,  you know, that ‟s  on the table is  we have 
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this  huge variat ion,  and we don‟t  know why.  We can explain some of  i t  wi th 

select ion,  but  we‟re s t i l l  going to  have huge variat ion.  

 If  you look at  the data in  New York,  for  example,  i f  you look 

across ,  look at  variat ion within New Teacher Project  and within TFA and 

within other  teachers ,  the variat ion within each of  these groups is  very large .  

So we clearly don‟t  solve the whole problem, but  in  order  to  know, in  order  to  

be able to ,  number one,  ident i fy the teachers  who are the least  product ive,  we 

need t ime because they have to  teach and do i t ,  and then we need to  get  the 

data out  and see.   

 I think Sean was talking about  some of  this ,  but  you have to ,  you 

have the data in  order  to  know who ‟s  doing i t ,  and then we have to  f igure out  

what  to  do about  i t ,  and that ‟s  why I talked about  i f  we could move that  

tenured-decis ion out ,  we could f igure out  who are the teachers  who may have 

been s low at  the opening gate and fast - learners ,  the one that ,  such as  the one 

Sean talked about ,  or  those that ,  you know, just  can ‟t  hack i t .  Thi s  is  tough 

work.  

 MR. MULVENON:  If  I could add one thing .  Draft ing off  your 

point ,  Andy,  a  lot  of  people don ‟t  real ize that  l ike 85 percent  of  the school  

dis t r icts  are rural  so the idea of  having an infini te  populat ion of  teachers  to  

replace those teachers  is  just  not  probable .  So,  you know, you‟re down on the 

del ta .  Say in  Arkansas  or  Mississ ippi ,  you ‟ve got  what  you‟ve got .  

 And the LDS Systems can be real ly fabulous in  helping you in 

professional  development  programs to sustain that  teaching pool  and ma ke 

them more effect ive which I think is  a  much bigger target  obviously,  but  I 
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think this  work is  great  to  get  us  s tar ted on.  

 DR. HANNAWAY:  Yeah,  and we have to  know how to do 

professional  development .  I mean r ight  now—  

 MR. WHITE:  That ‟s  the other  IES grant  program.  

 DR. HANNAWAY:  Exact ly.  Yeah.  

 MR. KOEDINGER:  Ken Koedinger,  Carnegie Mellon Universi ty.  

 Jane,  the Teach for  America teachers ,  what  do we know about  

how they‟re different  from other  teachers ,  you know, part icularly about  what  

they‟re doing in  the classroom? But  I also wonder about  math SAT, for  

instance,  in  this  data of  math teaching effect iveness?  

 DR. HANNAWAY:  Yeah.  They tend to  have s t ronger academic 

backgrounds .  They tend to  be inexperienced and they have s t ronger academic 

backgrounds.  Teach for  America in  recent  years  has  also sort  of  been bui lding 

in  various supports  for  i ts  teachers ,  but  I think— 

 MR. KOEDINGER:  Does math SAT account  for  much of  the 

effect?  

 DR. HANNAWAY:  I‟m sorry?  We didn‟t  t ry to  disentangle what  

i t  was about  TFA because we s imply didn ‟t  have the informat ion .  I think TFA 

has a lot  of  informat ion,  you know, in  i ts  own data f i les  that  we just  don ‟t  

have,  about  how they go about  select ion and what  are the personal i ty 

characteris t ics  and as  wel l  as  the academic bac kground characteris t ics .  

 The only thing that  we can see from the data are,  you know, 

scores  on teacher tes ts .  We know compet i t iveness  of  col lege .  We know, you 

know, something about  their  academic background,  whether  they majored in  
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math and cert i f ied in  m ath and that ,  but  we can ‟t  tease the rest  of  i t .  We just  

don‟t  have the data.  

 MS.  HOFFMAN:  One more gent leman has  a quest ion,  and we ‟re 

over t ime.  So— 

 MR. SMITH:  Robert  Smith,  Empirical  Educat ion .  Thank you very 

much for  a  very nonideological  discussion of  things that  are often qui te 

heated.  

 Dr.  Hannaway,  a  quest ion .  What  about  the pract ice of  tenure 

i tsel f?  Do you see anything in  your research about  that  pract ice?  

 DR. HANNAWAY:  No.  You know right  now most  teachers  get  

tenure so there‟s  l i t t le  variat ion for  us  to  s tudy.  If  i t  were moved out  and i t  

were more of  a  decis ion point  where more discriminat ion was used,  we could 

probably do something from a research perspect ive,  but  at  this  point ,  we 

real ly can‟t  say much about  i t  except  most  people get  i t .  

 MS.  HOFFMAN:  Thank you .  Thank you very much.  

 [Applause.]  

 [Whereupon,  at  10:40 a.m. ,  the panel  session concluded.]  
 


