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Appendix A. Additional context on reading proficiency and the early warning
system in the Commonwealth of the Northern Mariana Islands Public School System

This appendix provides additional background on proficiency rates on standardized reading assessments in
elementary schools in the Commonwealth of the Northern Mariana Islands Public School System (CNMI PSS) and
its efforts to address reading proficiency through the data-driven decisionmaking steps of an early warning
system (EWS).

Schools and student composition in the Commonwealth of the Northern Mariana Islands Public
School System

The CNMI PSS is the sole school district in the Commonwealth of the Northern Mariana Islands, functioning as
both a state and a local education agency. It serves around 9,000 K-12 students in 20 schools across three islands:
Saipan, Tinian, and Rota. Seven of its nine elementary schools are on Saipan; Tinian and Rota have one
elementary school each. All district students receive school meals at no cost to their families as part of the
Community Eligibility Provision under the National School Lunch Program. At the start of the 2024/25 school
year, most CNMI PSS students were of Pacific Island (52 percent) or Asian (30 percent) descent, and 19 percent
of elementary school students were classified as English language learner students (Commonwealth of the
Northern Mariana Islands Public School System, 2024a). The CNMI PSS aims to develop students who are
“lifelong learners positively contributing to ever-changing local and global societies” (Commonwealth of the
Northern Mariana Islands Public School System, 2024c, p. 2).
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Reading proficiency among elementary school students

The CNMI PSS is addressing priority areas, such as low achievement in standardized assessments for reading in
English (Grindal et al., 2021). In 2021, the overall Star Reading proficiency target was 48 percent for students in
kindergarten through grade 5, but only 38 percent of students met that target (Commonwealth of the Northern
Mariana Islands Public School System, 2024b). Research has consistently shown that targeted interventions can
improve outcomes for students at risk of not achieving early-grade reading proficiency (Gersten et al., 2017).
However, CNMI PSS staff have reported anecdotally that a large percentage of students are being identified as at
risk of not meeting academic benchmarks for targeted interventions. This perceived overidentification may have
several explanations, including inadequate screening systems, concerns with the effectiveness of Tier 1
instruction, and failure to use a risk verification procedure, among others (Fuchs & Fuchs, 2017; Marken et al.,
2020). CNMI PSS leadership and staff have acknowledged the continuing need to address students’ reading and
other academic outcomes (Commonwealth of the Northern Mariana Islands Public School System, 2023).

To ensure instructional quality and support school system goals, the CNMI PSS has prioritized building
accountable, high-performing systems that are driven by data and a multi-tiered system of supports (MTSS;
Commonwealth of the Northern Mariana Islands Public School System, 2023, 2024c). This focus is guided by the
findings in previous accreditation reports. For example, the 2018 accreditation report reinforced the need to
improve data-driven decisionmaking, encouraging staff to increase the rigor of data analysis to “understand
needs, challenges, and gaps with instructional delivery, which ultimately improves instructional delivery,
increases rigor, and meets the needs of all students” (Commonwealth of the Northern Mariana Islands Public
School System Office of Accountability, Research & Evaluation, 2018, p. 10).

To accomplish this goal, the CNMI PSS began using funds from a Comprehensive Literacy State Development
grant to create an MTSS framework across student academics and behavior (Commonwealth of the Northern
Mariana Islands Public School System, 2023). An MTSS integrates supports for both academics and behavior in a
three-tiered system that informs instruction and intervention decisions (American Institutes for Research, 2025).
Tier 1 is general or universal reading instruction, which should include evidence-based reading practices. If
screening or other assessments indicate that some students require additional support in acquiring certain
reading skills, these students would receive Tier 2 instruction. Tier 2 consists of targeted interventions that
address the specific needs of students who require extra support beyond Tier 1 instruction-and occasionally
instead of Tier 1 (Wanzek et al., 2016). Tier 3 interventions—intensive, individualized interventions—are
introduced if students fail to make progress in Tier 2 interventions. Tier 3 may involve special education services
or referral to those services, depending on the school district.

As another part of an integrated strategy to address reading performance, the CNMI PSS received a grant in 2019
to build a longitudinal data system spanning early childhood to college and career. This grant contained funding
for the related goal of creating infrastructure for an EWS specifically for identifying and addressing student needs
to enable on-time achievement of reading proficiency benchmarks by grade 3 (National Center for Education
Statistics, 2019). An EWS supports an MTSS framework by using a data-driven process to identify and assign
interventions to individual students in need of additional support. During the 2017-22 Regional Educational
Laboratory (REL) Pacific contract, the CNMI PSS collaborated with the REL Pacific to address reading skills by
developing and piloting an EWS at the elementary school level. The REL Pacific also provided training and related
resources.

Early warning systems

An EWS is both a process and a tool that help educators identify students in need of additional support,
determines the types of support they need, and uses data to evaluate intervention implementation and impact
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(Frazelle & Nagel, 2015; Koon & Petscher, 2016). An EWS tool collates data on key performance indicators to
support risk identification. Effective EWS indicators are determined based on the degree to which they maximize
the percentage of students who are correctly predicted to meet specified achievement outcomes and minimize
the percentage of students incorrectly predicted to meet these outcomes (Stuit et al., 2016).

The EWS process involves seven steps that leverage data-driven decisionmaking within school-level teams across
a school year. An important function of any data team is to include school-level and sometimes district-level staff
skilled in data interpretation, because data teams must use data frequently, consistently, and appropriately
within the school’s context (Hamilton et al., 2009; Schildkamp et al., 2016). Qualitative research has indicated
the importance of school-based data teams in developing a formal procedure to support data-driven
decisionmaking, especially in conjunction with professional learning opportunities that guide team members
through an iterative process of decisionmaking (Schildkamp et al., 2016). According to EWS implementation
guides, teams engage in collaborative data-driven decisionmaking by reviewing patterns in student- and school-
level data and discussing root causes for flagged indicators and student performance (Frazelle & Nagel, 2015;
Marken et al., 2010). From there, teams select an intervention from a series of school- or district-approved
interventions with demonstrated success (see steps 3-5 in the section below).

Districts and states have typically used an EWS to address dropout and graduation rates at the secondary level
(Therriault et al., 2010; Uekawa et al., 2010). Some education systems have broadened the EWS to the elementary
school level to identify students who may be at risk of not meeting important academic goals, such as grade 3
reading benchmarks (for example, Massachusetts Department of Elementary and Secondary Education, 2017).
Regardless of the topic area and grade levels covered, research underscores the importance of local context
when building and implementing an EWS (Faria et al., 2017; Li et al., 2016).

Causal evidence of the impact of an EWS on student outcomes shows mixed results, at best (Faria et al., 2017;
Mac Iver et al., 2019). For example, a randomized controlled trial conducted by the REL Midwest of nearly 38,000
high school students found that EWS implementation reduced the percentage of students with risk indicators
related to chronic absenteeism and course failure but did not affect their grade point average or suspension rates
(Faria et al., 2017). However, a regression discontinuity study of one large urban school district found that
students’ socioeconomic status moderated the significant effect of the use of an EWS on chronic absenteeism
(Canbolat, 2024). Another study found that using an EWS intervention team model had no statistically significant
impact on the attendance and course credits earned of nearly 8,000 grade 9 students (Mac Iver et al., 2019).

Addressing reading proficiency rates with an early warning system

In the CNMI PSS, the EWS began as a school-level team process using the seven steps of EWS implementation to
review multiple data sources and identify students at risk of not meeting academic benchmarks (Frazelle & Nagel,
2015; see below). In both the EWS pilot and this study, the focal academic benchmark was grade 3 reading
proficiency. The EWS includes indicators that evidence reveals to be both predictive of students’ likelihood of
achieving reading proficiency by grade 3 and responsive to modification through delivery of instruction and
interventions. For the CNMI PSS EWS, the five indicators are (Commonwealth of the Northern Mariana Islands
Public School System Statewide Longitudinal Data System, n.d.):

e Attendance, or daily attendance, in a CNMI PSS classroom. The cutpoint for this indicator is three or
more absences at the end of a quarter. For example, a student with four absences might be flagged as
needing additional services.

e Behavior, or an office referral for negative or inappropriate behavior. The cutpoint for this indicator is
one or more office referrals at the end of a quarter.
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English language arts score, or the proficiency score a student receives in English language arts. This
score is reported on a four-point scale: 4 (advanced), 3 (proficient), 2 (developing), or 1 (beginner). The
cutpoint for this indicator is a proficiency score of 1 or 2 at the end of a quarter.

Star assessment scores, or the proficiency score a student receives on the Star Early Literacy or Star
Reading assessment. The default benchmarks for all Star assessments are urgent intervention (below the
10th percentile rank), intervention (below the 25th percentile rank), on watch (automatically calculated
range between the intervention benchmark and the at or above benchmark), and at or above benchmark
(at or above the 40th percentile rank). The cutpoint for students in kindergarten and grade 1 is the urgent
intervention benchmark on Star Early Literacy at the end of a testing period, which occurs three times a
year. The cutpoint for students in grades 2 and 3 is the urgent intervention benchmark on Star Reading
or Star Early Literacy. The CNMI PSS determined these cutpoints to prioritize students in need of the
most-intensive intervention.

Student mobility, or the frequency with which a student transfers, or moves, between schools. The
cutpoint for this indicator is one or more transfers a quarter.

As noted above, to monitor these indicators and make decisions about which reading interventions or other
supports students may need, EWS teams met at least quarterly during the school year and worked through the
following seven-step EWS process (Frazelle & Nagel, 2015; Marken et al., 2020):

Step 1: Schools organize their EWS data teams and resources. At the beginning of the school year,
teams learn about or review the EWS and its associated tool(s). If needed, schools establish an EWS team
or reorganize their existing team, which then meets at least quarterly to review data. EWS teams include
a variety of school staff. Key roles and responsibilities include making instructional or intervention
decisions, accessing and analyzing student data, and knowing what interventions and resources are
available to support student learning. This process enables schools to review and refine their EWS,
establish appropriate meeting times and assignments, and accommodate staffing changes.

Step 2: EWS teams use the EWS tool. EWS teams use a tool to review and monitor student data
frequently and document assigned student interventions. In the CNMI PSS, this tool initially referred to
Excel spreadsheets that summarized a students’ risk status across the indicators noted above and
provided a warning level indicating a student’s risk of not achieving grade 3 reading proficiency. The
pilot used this tool until 2023. That year, the system transitioned to a customized online platform that
served the same function but included automatic features that reduced the data collection burden. These
features included linking to existing CNMI PSS databases to pull relevant EWS indicators, generating
graphs to facilitate analysis, and providing a more robust method to document interventions.

Step 3: EWS teams review early warning data. EWS teams explore patterns in student-, group-, and
school-level data and discuss additional information needed to better support intervention assignments.
These data may include observational data, conversations with students or parents, and other available
progress-monitoring data.

Step 4: EWS teams interpret data on students flagged as at risk for not meeting proficiency
benchmarks. EWS teams examine student characteristics and contexts more deeply and discuss
potential underlying causes for low performance to determine appropriate supports and interventions.
In the CNMI PSS, once students have been flagged as at risk on one or more indicators, an EWS team
discusses and decides which students will receive an intervention.
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e Step 5: EWS teams assign interventions to flagged students based on need. Intervention
assignments are made on a case-by-case basis and reflect intervention availability and capacity needs at
each school. EWS teams combine discussions from steps 3 and 4 to assign specific interventions to
students and document those interventions in the EWS tool. Students who have been flagged as at risk
based on one or more indicators are considered for intervention. In the CNMI PSS, EWS teams use their
meeting time to decide which students will receive intervention based on discussions from steps 3 and
4.

e Step 6: EWS teams monitor interventions and student progress. In this step, EWS teams use
progress-monitoring data and other tool features to document how students participate and perform in
assigned interventions. Teams may repeat steps 2-6 throughout the school year, as needed or as aligned
with their meeting schedules.

e Step 7: EWS teams evaluate the effectiveness of the EWS and determine whether adjustments
are needed for the new school year. At the end of the school year, EWS teams reflect on successes
and challenges in implementing the EWS and document plans for the next school year based on those
successes and challenges.

The Commonwealth of the Northern Mariana Islands Public School System’s implementation of
its early warning system

Aligned with a continuous improvement process, the CNMI PSS piloted its EWS using a cohort design. With the
REL Pacific’s support, five elementary schools (cohort 1) received training and resources to pilot the EWS for
grade 1 students in the 2020/21 school year. Training included running a mock data team meeting in which
participants reviewed example data and explored and discussed options around intervention assignment. The
following year, the 2021/22 school year, CNMI PSS staff, with volunteer cohort 1 staff, led training for the
remaining four elementary schools (cohort 2).

In line with EWS implementation guidance (Frazelle & Nagel, 2015; Pierson et al., 2020), all nine elementary
schools could customize their EWS process within the framework of the seven-step process. For example, during
the second year of the pilot, cohort 1 schools decided to expand the EWS to include one or more grades based
on staff capacity. By the start of the 2023/24 school year, all nine elementary schools were using the EWS across
grades K-5. The CNMI PSS also updated the tools that cohorts used within the EWS. During the two pilot years,
cohorts manually collected EWS data in Excel spreadsheets. To ease the data collection burden and facilitate
intervention tracking, in 2023 the school system’s leadership transitioned the tool to an online platform that
integrated with existing data systems.

Since the pilot, the CNMI PSS has expanded the EWS to include additional content areas and grade levels in order
to examine how its elementary schools implemented the EWS, both overall and across cohorts. A recent
accreditation report noted that while the CNMI PSS has adopted a “depth and breadth” of programs, the system
could benefit from focusing on “ensur[ing] that all stakeholders are empowered and can consistently
demonstrate skill and insight with interpreting data to impact both learning and well-being” (Cognia, Inc., 2023,
p- 29). For CNMI PSS leadership, a better understanding of EWS implementation is expected to provide additional
information to inform current and future EWS-related professional learning, instruction and intervention, and
student support, as well as build the system’s capacity for data use.
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Appendix B. Methods

This appendix provides additional details on the study data sources, study sample, data processing, missing data,
and analytic methods.

Data sources

The study used data from two sources to address each research question:

¢ Results from the 2024 early warning system (EWS) implementation survey. District staff from the
Commonwealth of the Northern Mariana Islands Public School System (CNMI PSS) provided the study
team with the survey data. CNMI PSS staff developed an EWS implementation survey in 2023 to collect
information on the extent to which school EWS teams implement the EWS (see appendix C for survey
items). The CNMI PSS developed survey items to align with steps in EWS implementation, which derive
from several guides (Frazelle & Nagel, 2015; Marken et al., 2020). In 2023 and 2024, one EWS
implementation survey per school was administered to EWS team members. CNMI PSS first administered
the survey in winter 2023 and then revised the instrument, in consultation with the Regional Educational
Laboratory (REL) Pacific, prior to administering it again in winter 2024. The survey included Likert-style
response scales and open-ended questions to capture the experiences of EWS teams in implementing
the seven steps of the EWS process. The response rate for the surveys was 100 percent, representing all
nine elementary schools.

o Interviews with school leaders. The study team conducted approximately one-hour interviews with
one school leader from each of the nine CNMI PSS elementary schools. In this study, a school leader
refers to the principal or an assistant principal, depending on who was more closely involved with EWS
implementation. The interviews took place in person at each leader’s school. During the interviews, the
study team used an interview protocol (see appendix D) aligned to a REL Midwest tiered intervention
fidelity rubric (Ruffini et al., 2016). The rubric includes five features of Tier 2 interventions: evidence-
based intervention, complements core instruction, instruction, determining responsiveness to Tier 2,
and addition to Tier 1 (see appendix D for the full interview rubric). The study team also asked follow-up
probes to encourage interviewees to provide evidence for their initial responses. All interviews were
audio-recorded, with permission from the participants, and transcribed for analysis using the Rev
platform (https://www.rev.com). The information from the interviews was used along with the results of

the EWS survey to answer the research questions.

Study sample

Characteristics of the analytic sample. The study purposefully sampled all nine elementary schools to capture a
broad view of EWS implementation and Tier 2 intervention. The sample from the EWS implementation survey
represented all EWS teams from the nine elementary schools (table B1). The participants in the study samples
were reported by EWS cohort due to the small sample size (n = 9). The sample from the interviews comprised
school leaders representing all nine CNMI PSS elementary schools that piloted the EWS in the 2020/21 school
year (cohort 1, n = 5) and the 2021/22 school year (cohort 2, n = 4). Both samples were used to answer each
research question.
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Table Bl. Number and percentage of participants in the study’s sample, by early warning system cohort

Cohort Number Percent

1 5 56
2 4 44

Source: Authors’ analysis of 2024 early warning system implementation survey data from the Commonwealth of the Northern Mariana Islands Public School
System and interviews with elementary school leaders.

Representativeness of the analytic samples. The analytic samples were representative of elementary schools
implementing the EWS in the CNMI PSS because they included the universe of EWS pilot schools. The
quantitative and qualitative samples may differ, however, because more than one member of an EWS team might
have collaborated on survey responses (quantitative sample), whereas the interviews were conducted with a
single leader per school (qualitative data). The data can therefore support claims about CNMI PSS elementary
schools and reported EWS implementation. However, the claims may not generalize beyond the elementary
school level in the CNMI PSS or beyond the Commonwealth of the Northern Mariana Islands.

Data processing

The study team processed and cleaned the survey data provided by the CNMI PSS. Minimal data cleaning was
required for the survey and mainly involved correcting spelling errors and categorizing write-in responses to
open-ended questions.

Interviews were transcribed by a professional transcription service (the Rev platform, https://www.rev.com).

The primary interviewer reviewed all interviews to ensure transcription accuracy.

Missing data
Data were complete for all survey items. All school leaders fully participated in the interviews. Thus, there are
no missing survey or interview data.

Analytic methods

This study used a convergent mixed methods design, in which quantitative and qualitative data collection and
analysis occur simultaneously, to provide a more comprehensive understanding of the research questions
(Creswell & Plano Clark, 2017; McCrudden et al., 2021). The analytic methods included descriptive analysis,
inductive thematic analysis, and integration.

Descriptive analysis. The study team used R version 4.4.0 (R Core Team, 2024) to calculate the total number of
EWS teams that responded to each response option and means for each of the EWS implementation survey item’s
responses for each EWS step.

To address the CNMI PSS’s request to explore differences in responses between cohorts, the study team
compared responses to the EWS implementation survey by cohort. The study team calculated the total number
of EWS teams in each cohort for each response and evaluated whether there were differences in implementation
of an EWS step. Given the small number of schools in the study, group-level differences by cohort were
considered useful to the CNMI PSS if three or more schools within one cohort responded differently on a survey
item from schools in the other cohort. This difference is meaningful to the CNMI PSS as it reflects a rough
difference in implementation perceptions. For example, if all five schools in cohort 1 100 percent) indicated
agree or strongly agree and only two schools in cohort 2 did the same (50 percent), this suggests that cohort 2
may not have implemented an EWS step in the same way. Additional descriptive information for each survey
item is presented in appendix C.
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Differences by cohort were originally assessed using a series of Wilcoxon rank-sum tests (Mann & Whitney, 1947).
This statistical test is appropriate because it is a nonparametric test used to examine differences between two
groups, including ordinal variables, such as Likert scale items. A Wilcoxon rank-sum test was calculated for each
survey item to identify group-level differences by cohort. However, this test is highly sensitive to sample size.
Therefore, given the small sample size of nine, it was challenging to conclude whether nonsignificant p-values
were indicative of methodological limitations or a result of the underlying data distributions. Because of this
limitation, the main report does not include Wilcoxon rank-sum test results; these results are presented in
appendix C.

Inductive thematic analysis. In spring 2024, two researchers from the study team conducted structured interviews
with a school leader in all nine schools on schools’ implementation and experiences with the EWS process to
facilitate Tier 2 interventions. Prior to the interviews, the two researchers reviewed the interview protocol and
discussed conducting the interviews in a consistent manner to ensure reliability and validity in their analyses.
Each interview was audio-recorded, with participants’ consent, with one researcher serving as a dedicated
notetaker, while the other researcher conducted the interviews and took field notes when relevant. Following
recommendations in the literature to use both transcripts and field notes (Hamo et al., 2004), the dedicated
notetaker wrote down participants’ responses and other observations (such as body language or tone of the
exchange) during the interview. After the first interview, the researchers compared notes and supporting
observations. Following each subsequent interview, the researchers jointly reflected on the interviews and
included additional thoughts to expand on initial field notes taken during the interview.

Two members of the study team who did not conduct interviews reviewed the transcripts independently to begin
an inductive thematic analysis, a qualitative research method in which researchers identify themes that emerge
from what they observe in the interview data (Braun & Clarke, 2022). In this study, the team coders approached
the transcripts using open coding, the first step in inductive thematic analysis (Williams & Moser, 2019),
developing separate theme codes based on their observations of common sentiments that emerged from their
initial independent reviews across two or more interview transcripts. The coders then met to develop a common
codebook, with examples, by reconciling differences in initial codes, following the principles of qualitative
coding by consensus (Hill et al., 1997). In making decisions by consensus, the coders provided justifications for
codes, keeping an open mind for revision. The coders also continuously validated their decisions against the raw
data to ensure accuracy and support final decisionmaking. Then the coders consulted the full study team to
review their final decisions (Hill et al., 1997). The process continued until the two coders reached 100 percent
agreement in their coding.

Four months after the initial interviews, one of the two study team members who had conducted the interviews
performed member checking (Birt et al., 2016; Creswell & Miller, 2000), sharing initial themes with interviewees
in a virtual meeting. Member checking is the process of reviewing interview data or preliminary analyses with
interviewees to verify that the data or analyses accurately capture what the interviewee intended (Birt et al.,
2016). The study team member presented a brief summary of the initial themes identified by the coders,
accompanied by one to four quotes representing each theme, and prompted interviewees to share their
perspectives on how well the themes captured their experiences and what they had intended to communicate
in the interview. Respondents could provide their reflections out loud or in writing in a meeting chat or on an
anonymous form.

Eight of the nine interviewees participated in the member checking. Six of the eight agreed with the themes
identified, except for the theme of “data use,” for which two members of cohort 2 had not provided a response.
They did not explain the reason for this lack of response, whether it was due to disagreement, an unwillingness
to explain, or some other reason. Because a majority of interviewees (75 percent) indicated a high level of
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agreement across all themes, no changes were made to the codebook (see appendix D). Coders subsequently
reviewed the nine transcripts again and counted how many transcripts included instances of each theme.
Themes were reported based on the percentage of school leaders who discussed a theme during their interview.
These formed the basis for the study findings (see appendix C).

Integration of quantitative and qualitative data. Quantitative results from the EWS implementation survey and
qualitative results from interviews with school leaders were integrated throughout the study. Combining
qualitative and quantitative results can yield new insights about a study’s research questions that one or the other
kind of results might not do by itself (McCrudden et al., 2021). Because this study used a convergent mixed
methods design, in which both quantitative and qualitative data collection and analysis occurred simultaneously
(Creswell & Plano Clark, 2017), integration occurred after all data were collected and analyzed. In this study, the
purpose of integration was expansion. Expansion in mixed methods research occurs when quantitative findings
on a study topic are integrated with qualitative findings to create a broader understanding and enable the study
team to develop new insights about the research questions (Bazeley, 2009; McCrudden et al., 2021). Integration
analysis was also used to generate the implications of the study findings (Creswell & Plano Clark, 2017; Plano
Clark & Sanders, 2015).
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Appendix C. Supporting analysis

This appendix details the full results of the findings on the study’s research questions.

Detailed results from descriptive analyses

This section provides frequencies and Wilcoxon rank-sum' results for the study’s research questions (tables C1-
C7) based on the 2024 early warning system (EWS) implementation survey conducted by the Commonwealth of
the Northern Marian Island Public School System in all nine of its elementary schools.

Table Cl1. Frequency of survey responses for implementation of early warning system (EWS) step 1, overall
and by cohort, 2023/24

Item-level
Wilcoxon

Survey item Response option Total Cohort1 Cohort 2 %% P
Who makes up the EWS team  Principal 9 5 4 na na
at your school? Please select Vice principal 9 5 4
all that apply.

Teacher 9 5 4

Counselor 9 5 4

Interventionist (Title 1, 9 5 4

English language learner

teacher, high-dosage

tutor)

Other? 3 2 1
Please rate your level of Strongly agree 3 3 0 17.0 0.08
agreement with the following Agree 5 5 3
statement: I am ) )
knowledgeable about the Early _Neither agree nor disagree 1 0 1
Warning System. Disagree 0 0 0

Strongly disagree 0 0 0
Please rate your level of Strongly agree 3 2 1 10.0 1.00
agreement with the following Agree 5 2 3
statement: The EWS team is - -
knowledgeable on the Neither agree nor disagree 1 1 0
students' needs and available Disagree 0 0 0
intervention in the EWS )

Strongly disagree 0]

platform.

! A Wilcoxon rank-sum analysis compares whether the values of one group tend to be higher or lower than values of another group.
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How frequently does the EWS  Always 0 0 0 12.5 0.37
team meet during the school Often 5
year?

Sometimes 1 0 1

Rarely 0

Never 0

Note: EWS Step 1: Schools organize their EWS data teams and resources.

a. Respondents could provide descriptions for the “Other” category if selected. All three respondents wrote “Special Education Teacher,” and one respondent
wrote “Chamorro Carolinian Language Heritage Studies instructor.”

Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.

Table C2. Frequency of survey responses for implementation of early warning system (EWS) step 2, overall
and by cohort, 2023/24

Item-level
Wilcoxon

Survey items Response option Total Cohort1 Cohort 2 w p

How frequently does the EWS  Always 0 0 0 13.0 0.46
team review student and

. . Often 6 4 2
intervention-level data?
Sometimes 3 1 2
Rarely 0 0 0
Never 0 0 0
How frequently do you Always 1 0 1 8.5 0.77
monitor student information Often 6 4 5
and student progress?
Sometimes 2 1 1
Rarely 0 0 0
Never 0 0 0
How frequently do you add Always 0 0 0 18.5 0.04
student interventions to the Often 5 5 0
EWS database?
Sometimes 4 3 1
Rarely 2 0 2
Never 1 0 1

Note: EWS Step 2: EWS teams use the EWS tool.
Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.
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Table C3. Frequency of survey responses for implementation of early warning system (EWS) step 3, overall
and by cohort, 2023/24

Item-level
Wilcoxon

Survey items Response option Total Cohort1 Cohort 2 w p

—

How frequently does the EWS  Every meeting 5 4 15.5 0.16
team examine student data

during EWS meetings?

Most meetings

S |O | w

4
Half of its meetings 0 0
0

Less than half of its
meetings

How does the EWS team Use EWS to explore 7 5 2 15.0 0.13
review patterns of risk? school- and grade-level

risk patterns and generate

additional questions about

student needs

Use EWS to explore 1 0 1
school- and grade-level

risk patterns but do not

generate additional

questions about student

needs

Do not use EWS data to 1 0 1
explore school- and grade-
level risk patterns

Note: EWS Step 3: EWS teams review early warning data.
Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.
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Table C4. Frequency of survey responses for implementation of early warning system (EWS) step 4, overall
and by cohort, 2023/24

Item-level
Wilcoxon

Survey item Response option Total Cohort1 Cohort 2 w p

Please select all the data that 8 1 0 1 11.0 0.88
the EWS team use to identify
5 1 1 0

and support students who are
at risk for not reaching reading 4 5 3 2
or math proficiency.? 3 2 1 1
Please select all the data that 8 1 0 1 8.5 0.77
your team believes is very

. . . 6 1 1 0
beneficial to identifying
students who may be at risk 4 5 3 2
for not reaching reading or 3 2 1 1
math proficiency.?
Please rate your level of Strongly agree 3 2 1 11.5 0.77
agreement with the following Agree 6 3 3
statement: The EWS team uses
a systematic process to Neither agree nor disagree 0 0 0
explore root Caus‘es of risk for Disagree 0 0 0
flagged students in order to
assign them to the appropriate ~ Strongly disagree 0 0 0
intervention(s).
Please rate your level of Strongly agree 3 2 1 10.0 1.00
agreement with the following Agree 5 5 3
statement: The EWS platform
facilitates the process of Neither agree nor disagree 1 1 0
1dent1fying students a!t risk for Disagree 0 0 0
not reaching academic
proficiency. Strongly disagree 0 0 0

Note: EWS Step 4: EWS teams interpret data on students flagged as at risk for not meeting proficiency benchmarks.

a. Respondents could select up to 10 data types: EWS indicators (attendance, behavior, school mobility, etc.), supplemental data (classification and special
services, personal circumstances, formative assessments), progress monitoring data (grades, assessment scores, etc.), data on underlying causes of student
performance, data from the state systemic improvement plan tracker, data on attendance or from the School Attendance Review Committee, data on student
program participation, counseling data, data from the EWS parents communication log book, and WIDA ACCESS data.

Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.
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Table C5. Frequency of survey responses for implementation of early warning system (EWS) step 5, overall

and by cohort, 2023/24

Survey item

Response option

Total

Cohort 1

Cohort 2

Item-level
Wilcoxon

w

p

Please rate your level of Strongly agree 4 2 2 9.0 0.89
agreement with the following Agree 5 3 9
statement: Our school has a - -
wide range of interventions Neither agree nor disagree 0 0 0
available to support students’  Disagree 0 0 0
needs, as identified by the Strongly disagree 0 0 0
EWS.
Please rate your level of Strongly agree 2 1 1 12.0 0.69
agreement with the following Agree 4 3 1
statement: The EWS team - -
systematically matches Neither agree nor disagree 3 1 2
students to interventions Disagree 0] 0] 0
throughout the school year. Strongly disagree 0 0 0
What percentage of identified = More than 75% of 6 3 3 4.5 1.00
at-risk students are matched identified students
with interventions? 50%-75% of identified 1 1 0
students?
25%-50% of identified 2 1 1
students?
Less than 25% of identified 0 0 0
students
Select all the interventions 31 1 1 0 15.5 0.22
assigned to students at your 30 2 1 |
school.
26 1 1 0
25 1 1 0
24 1 0 1
23 1 1 0
22 1 0 1
16 1 0 1
Select the top five After-school tutorial 6 4 2 12.0 0.71
interventions that are Counseling 4 3 1
commonly provided to -
students at your school. Tutoring 6 3 3
Parent contact 4 3 1
Title I support 5 2 3

Note: EWS Step 5: EWS teams assign interventions to flagged students based on need.

a. The overlap of the 50 percent value (50%-75% and 25%-50%) originated in the structure of the implementation survey.

b. Respondents could select from 41 intervention options, including parent contact, high-dosage tutoring, individualized instruction, Title I support, and positive
behavior intervention.

Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.
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Table C6. Frequency of survey responses for implementation of early warning system (EWS) step 6, overall

and by cohort, 2023/24

Cohort1 Cohort 2

Item-level
Wilcoxon

Survey item Response option Total w p
Please rate your level of Strongly agree 3 2 1 13.0 0.49
agreement with the following Agree 5 3 5
statement: Our EWS team
utilizes EWS processes and Neither agree nor disagree 1 0 1
tools to n?or.ntor studfent Disagree 0 0 0
progress in interventions.
Strongly disagree 0 0 0
Please select all tools in the Filter tool 6 3 3 16.5 0.12
EWS platform %’O“r EWS team Risk indicator graph tool 8 5 3
utilizes to monitor and record
student progress in Intervention list tool 7 5 2
Interventions. Intervention plan tool 7 5 2
Student history tool 7 5 2
Please rate your level of Strongly agree 2 1 1 10.0 1.00
agreement with the following Agree 5 3 5
statement: Our EWS team has
sufficient progress monitoring  Neither agree nor disagree 2 1 1
data t.o determlr-le the - Disagree 0 0 0
effectiveness of interventions
being used to support student ~ Strongly disagree 0 0 0
needs.
Please rate your level of Strongly agree 2 2 0 17.0 0.08
agreement with the following
Agree 5 3 2
statement: Our EWS team &
monitors student progress on  Neither agree nor disagree 2 0 2
an ongoi i 1 .
going ba§1s (at least Disagree 0 0 0
monthly) and incorporates data
into the decision whether to Strongly disagree 0 0 0
continue or modify the
interventional assignment.
Please rate your level of Strongly agree 1 1 0 16.0 0.1
agreement with the following Agree 6 4 5
statement: The school uses
data to consider the Neither agree nor disagree 2 0 2
effectiveness of 1n.te1:vent10ns Disagree 0 0 0
and has added, eliminated, or
modified those interventions. ~ Strongly disagree 0 0 0
Note: EWS Step 6: EWS teams monitor interventions and student progress.
Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.
REL 2026-014 C6



Table C7. Frequency of survey responses for implementation of early warning system (EWS) step 7, overall

and by cohort, 2023/24
Item-level
Wilcoxon

Survey item Response option Total Cohort1 Cohort 2 w p
How frequently does the EWS  Always 0 0 0 15.5 0.16
team reflect on the successes Often 5 4 ]
and challenges that emerged
from implementing the EWS?  Sometimes 4 1 3

Rarely 0 0 0

Never 0 0 0
Please rate your level of Strongly agree 0 0 0 13.0 0.46
agreement with the following Agree 6 4 5
statement: The EWS team
utilizes the EWS platform to Neither agree nor disagree 3 1 2
docume.nt action steps for Disagree 0 0 0
addressing student challenges
to meet their academic goals Strongly disagree 0 0 0
in reading or math.
Please rate your level of Strongly agree 0 0 0 11.0 0.89
agreement with the following Agree 5 3 5
statement: The EWS team
utilizes the EWS platform to Neither agree nor disagree 4 2 2
develop anq document plans Disagree 0 0 0
for the coming school year
based on the student’s Strongly disagree 0 0 0

successes and challenges.

Note: EWS Step7: EWS teams evaluate the effectiveness of the EWS and determine whether adjustments are needed for the new school year.
Source: Authors’ analysis of 2024 EWS implementation survey data from the Commonwealth of the Northern Mariana Islands Public School System.

Detailed results from the inductive thematic analysis

Nineteen theme codes within eight themes were identified through the inductive qualitative analysis of

transcripts of the interviews with school leaders (see also appendix E for the codebook). Two coders reviewed

the transcripts of the nine interviews and counted how many transcripts included instances of each theme code.

In the report, themes are identified based on the percentage of school leaders who discussed each theme during

their interview. Because the CNMI PSS expressed interest in understanding whether there were differences in
EWS implementation between cohorts, the study team disaggregated the qualitative findings by cohort.

The three most common themes were:

e “Data use,” particularly the theme code describing the variety of data sources used for triangulation to

develop Tier 2 groups of students identified for developing particular skills.

e “Multi-tiered system of supports (MTSS) implementation,” particularly the theme code describing

references to implementing and adapting instruction for different tiers.

e “Mode of instruction/delivery,” particularly the theme code describing references to high-dosage tutors

being the primary mode of delivery of intervention for Tier 2 groups of students.
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Table C8 provides a full list of themes and theme codes that emerged from the interviews with school leaders.

Table C8. Themes and theme codes represented across transcripts of interviews of school leaders on their
school’s implementation of the early warning system (EWS), overall and by cohort, 2023/24

Number of Number of
Percentage of cohort 1 cohort 2
transcripts schools schools

containing reporting reporting
Theme code theme code theme code theme code

Data use Sequencing, pacing, or scaffolding (and 44 1 3
customizing to meet student needs)

Variety of data sources and points 89 4 4
(triangulation) to identify and target skills
to develop and create groups

Data overwhelm and difficulty making 44 2 2
data actionable for differentiation

Teachers sharing of strategies from 67 2 4
professional learning communities (PLCs)
or data teams

Outcome Schoolwide student goals 44 3 1
Multi-tiered system  Wraparound MTSS (such as behavior or 56 2 3
of supports (MTSS)  attendance)

implementation Using and switching among different tiers 89 4 4

(such as small groups, differentiation, or
peer learning) during instruction

Interventions Following the science of reading or 78 4 3
guided reading strategies
Out-of-class programming 67 4 2
Community Who is involved in these conversations 56 2 3
conversations (including school staff)?
Mode of (A)synchronous digital supplements? 67
instruction/delivery High-dosage tutors 89 4
Onboarding Training-supported understanding and 44
ease of implementation
EWS mirroring what is already being used 56 2
Teacher buy-in/overwhelm 44
Learning from other schools that have 22 1 1
already been implementing EWS
Frustration Digital tools/assessments 56 2 3
District requirements and timeline 56 3 2
Perceived disconnect between core 33 1 2

curriculum and assessment
(misalignment/difficulty for early grades)

a. Any additional curricular programs or resources that students in the Commonwealth of the Northern Mariana Islands Public School System could use during
or outside the instructional day, according to school leaders interviewed.

Source: Authors’ analysis of data from interviews conducted in 2024 with school leaders in the Commonwealth of the Northern Mariana Islands Public School
System on EWS and Tier 2 interventions.
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Appendix D. Interview protocol

The study team used the following protocol (list of questions) to guide the interviews with elementary school
leaders in the Commonwealth of the Northern Mariana Islands Public School System (CNMI PSS). The study team
developed the interview protocol using the Regional Educational Laboratory Midwest and Milwaukee Public
School System’s Implementation Fidelity rubric, because it is relevant to Tier 2 intervention and implementation
(Ruffini et al., 2016). Specifically, the study team focused on the “Tier 2 Prevention” subcomponent of the rubric’s
“Multitiered Instruction Component,” which contains the following categories related to Tier 2 intervention:

e Evidence-based intervention.

e« Complements core instruction.

e Instruction.

e Determining responsiveness to Tier 2.
e Addition to Tier 1.

The study team instructed CNMI PSS school leaders to provide answers based on their early warning system
(EWS) team’s experiences with implementing the EWS, the Tier 2 instruction and intervention specific to reading,
and overall perspectives on these efforts. The study team further encouraged school leaders to reflect on these
experiences from the 2023/24 school year. Follow-up probes, italicized below, encouraged school leaders to
provide more details or specific examples for their responses.

Protocol for interviews with school leaders

Evidence-based intervention

e What are the interventions your school currently uses within the early warning system (EWS)?
o  What strategies do these interventions use?

o Interventions tend to vary in their level of evidence that demonstrates the effectiveness of the
intervention; are you aware of the evidence base for [insert intervention]?

o Ifyes, prompt for more details.

e Would you like to share anything else about the evidence base for the interventions currently in use at
your school?

Complements core instruction

e Interventions vary in how they align with a school’s core instruction. In what ways do your school’s Tier
2 interventions align with core instruction? In what ways do they not?

o Potential probe: Could you provide a specific example of how Tier 2 is/isn’t aligned?

e Foundational literacy skills are the building blocks of reading and writing in the early grades. Phonics
and fluency are two examples of foundational skills. What foundational skills are incorporated in Tier 2
interventions?

o In what ways does Tier 2 at your school incorporate foundational skills that support core
instruction?

o Would you like to share any other comments about your school’s Tier 2 interventions aligned with core
instruction?

Instruction
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e Who leads the Tier 2 interventions?
e How were staff trained in this intervention?

o Does that method of training align with developer requirements? (If necessary, provide the following
example: “A developer is the creator of the specific intervention, such as Lexia for Lexia Core5
Reading.” Lexia Core5 Reading is a known intervention at CNMI PSS.)

o Potential probe: Could you provide a specific example?
e What is the typical group size for your Tier 2 interventions?

o To what extent are group sizes for interventions optimal for the age and needs of the assigned
students?

e Would you like to share anything else about the staff leading interventions or the typical group sizes for Tier
2 interventions?

Determining responsiveness to Tier 2

e What data does your team use to make decisions about students’ responsiveness to Tier 2 interventions?
o When do you make decisions about students’ responsiveness to Tier 2 interventions?

e How would you rate the reliability of these data? In other words, do these data consistently capture the
specific literacy skills addressed by the intervention? How would you rate the validity of these data? In
other words, are the data measuring what they are supposed to measure?

o Potential probe: Could you provide a specific example?

e How often does your team use the same decisionmaking criteria with these data? Are there instances
when you do not use these criteria?

e Would you like to share anything else about decisions around student responsiveness to interventions?

Addition to Tier 1

e When do Tier 2 interventions take place during the school day/week?
e How do Tier 2 interventions supplement core instruction?
o Potential probe: Could you provide a specific example?

e  What additional comments would you like to share about Tier 2 interventions and the extent to which they
supplement core instruction?

Reference

Ruffini, S., Miskell, R., Lindsay, J., McInerney, M., & Waite, W. (2016). Measuring the implementation fidelity of the
Response to Intervention framework in Milwaukee Public Schools (REL 2017-192). U.S. Department of
Education, Institute of Education Sciences, National Center for Education Evaluation and Regional
Assistance, Regional Educational Laboratory Midwest. https://ies.ed.gov/use-work/resource-library/report/
descriptive-study/measuring-implementation-fidelity-response-intervention-framework-milwaukee-public-
schools
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Appendix E. Qualitative codebook

Nineteen theme codes, within eight theme categories, emerged from the inductive qualitative analysis of the

interviews with the nine elementary school leaders in the Commonwealth of the Northern Mariana Islands Public

School System (table E1).

Table El. Qualitative codebook

Theme and theme code

Data use

Definition

Exemplar quote

Sequencing, pacing, or
scaffolding (and customizing
to meet student needs).

Any conversation about using
data to plan what
intervention—such as the
sequence, pacing, and
scaffolding—that students
need.

“I think as a school, we learned a lot about
pacing—if we were behind or if we’re on track—
and with the interventions that are done in the
classroom, we know it’s focused on the skills that
are in the lessons.”

Variety of data sources and
points (triangulation) to

identify and target skills to
develop and create groups.

Any conversation about the
type and number of data
used to inform instruction.

“What helps us to really analyze data effectively
and provide the right support for students are the
progress monitoring, the formative assessment,
and the summative assessment.”

Data overwhelm and
difficulty making data
actionable for differentiation.

Any conversation about there
being too much data for it to
be useful, including limited
capacity building available for
teachers.

“So [the data] can be overwhelming. There is a
lot to take a look at, but I always tell our teachers
to just focus on our target skills, focus on the
ones that you know, especially if they’re moving
through the next grade-level, preparedness and
grade-level preparedness skills. Right? So that
we’re not expecting you to cover all the
standards and benchmarks because there is, I
feel, quite a lot of that. So prioritize them,
honestly.”

Teachers sharing of strategies
from professional learning
communities (PLCs) or data
teams.

Any conversation about how
teachers are using PLCs and
data teams to discuss
interpretation and use of the
data.

“We followed a lot of the monitoring piece of
that: reading the data, analyzing the data. PLCs
are big here also. We meet every week. And in
the PLCs, that’s where they talk about identified
students. Also, they ask each other for help. Like,
‘Hey, so how do you deal with a student with
this, this, and that?’ That’s when they take the
opportunity in doing that.”

Outcome

Schoolwide student goals.

Any conversation about what
the schools’ goal(s) is/are for
students.

“So, trilateral is our school goal. So, the goal that
I mentioned about the 56 percent, we embrace
that as a school and the trilaterals—when we
involve the home, school, and the classroom—
where we make sure that the parents are aware
we have a goal; ‘This is your child’s reading and
math goal, we want to meet this, this is where
your child is at, we want to see growth.””
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Theme and theme code

Definition

Multi-tiered system of supports (MTSS) implementation®

Exemplar quote

Wraparound MTSS (such as
behavior or attendance).

Any conversation about how
teachers need to address
students’ complex needs
beyond academics.

“Because for academics, we have our classroom,
as classroom teachers, as the main lead with the
interventions. But behavior, we have our
counselor and our SARC [School Attendance
Review Committee] team. Also, for mobility,
there’s different departments and stakeholders
that are involved in the team.”

Using and switching among
different tiers (such as small
groups, differentiation, or
peer learning) during
instruction.

Any conversation about the
implementation of Tier 2
groups.

“... for example, after doing a whole group
lecture, she right away knows who are her
students who need to be pulled out to the side,
and she calls them out, and the students
understand it's really to help them, and so, yeah,
that’s her small group.”

Interventions

Following the science of
reading or guided reading
strategies.

Any conversation about
following or implementing
the science of reading or
other reading strategies.

“We also have what is called the Daily Five
structure. So we try to merge the two, use that
structure to be able to make our Into Reading,
Into Math instruction fit where they can.”

Out-of-class programming.

Any conversation about after-

school programs, weekend
programs, external/remedial
programs.

“So, we do have the afterschool and Saturday
programs. So, for this school year, we have two
types of programs. We have the remedial
programs for reading and math, and then we
have the enrichment program.”

Community conversations

Who is involved in these
conversations (including
school staff)?

Any conversation about

involving families/caregivers,

students, and others in the
implementation of
interventions; also which
school staff are part of
intervention conversations.

“And from our previous experience with this, the
attendance... we had an issue with attendance, so
we had to go out and check what is going on, why
our kids aren’t coming in. ... So it’s also
communicating with the parents and also the
community out there.”

Mode of instruction/delivery

(A)synchronous digital
supplements.

Any conversation about
digital supplements that
students use or could use
during or outside the
instructional day.

“So we have Waggle, that’s ELA [English language
arts]. ... And then we have now Amira. ... We
have other supplemental [programs], such as
Achieve3000, Smarty Ants, so, there’s options
for students. But Waggle is something that is
required, because of the curriculum.”

High-dosage tutors (HDTSs).

Any conversation about the
use of HDTs.

“We have our HDT, or our high-dosage tutors.”
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Theme and theme code Definition

Onboarding

Exemplar quote

Training-supported
understanding and ease of
implementation.

Any conversation about how
training was beneficial to
teachers in understanding
and implementing all facets
of the early warning system
(EWS).

“The teachers have been going through ongoing
trainings with the EWS, both virtually and in
person. I think last month was our last training
with the teachers. PSS [Commonwealth of the
Northern Mariana Islands Public School System]
came down to train our teachers more on the
platform.... We’re really high on HQIM [high-
quality instructional materials] professional
development, like science of reading, and that
really helps with Tier 2 intervention supports.
And then we have different trainings, like how to
use technology, how you can align 21st [century]
technology skills with HMH [Houghton Mifflin
Harcourt]. Also, PDs [professional development],
we have PLC. So, right now we’re getting in-
depth into formative-assessment training. It will
really help with the data and how our students
are achieving or meeting their needs.”

EWS mirroring what is
already being used.

Any conversation linking
previous school/classroom
processes that have
supported onboarding with
the EWS.

“This intervention that we have, we’ve been
using [it] even prior to the system, and we see the
effectiveness of it. And, if it doesn’t, then that’s
when we collaborate and we have to have a table
talk about what can we do, how can we adjust.”

Teacher buy-in/overwhelm. Any conversation noting or
addressing teacher buy-in to
the EWS processes as a

challenge.

“This school year was kind of rough in the
beginning of the year because the benchmark
map started on the first day. So, teachers felt like
it was a rush, it was too fast, and a lot of the
teachers felt like, ‘Slow down! We just started; we
can’t” And then also the online, and all that
information, it was a technical thing.”

Learning from other schools
that have already been
implementing EWS.

Any conversation about
school leaders
communicating with other
implementing schools for
implementation support and
ideas.

“And, so, the expectations, because we knew that
we were going to do it as a whole school, we
wanted to get everybody’s feet wet last school
year, mid-year.... We have our access and we are
aware of the expectations, but at the same time,
we also wanted to transition our school where it
was manageable, because of all the other things
[laughs] that we have to do, right? ... at first for
me it was kind of difficult to understand how
often we met. What are the rules, what we can
and can’t do. So I had [a cohort 1 principal] guide
me and help me.”
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Theme and theme code Definition

Frustration

Exemplar quote

Digital tools/assessments. Any conversation about
struggles with technology or

assessment format.

“But along with that, anything digital-based, we
get technology challenges. Sometimes the lagging
of what was identified for students is the Amira
program within the... yeah, so before we had to
implement this, I already knew that, okay, we
maybe have loading issues. Because I know
before we had to fully implement it this year, we
had some access to some Amira and where they
allowed for our teachers to try it out. And, so, we
noticed some challenges there with devices, or
it’s not so much the bandwidth.”

District requirements and
timeline.

Any conversation about
frustration with district
mandates.

“Okay, if you really want our teachers to be good
with this core curriculum, give us time because
it’s not going to happen in a few months.”

Perceived disconnect Any conversation about the
between core curriculum and misalignment between what

assessment assessment and instruction
(misalignment/difficulty for are trying to capture and how
early grades). they are trying to capture it.

“So, we’re kind of like, okay, so, we have the Star
[assessment], which the district monitors, and so
teachers still see that disconnect between the
curriculum and how does that deal—it’s like the
assessment doesn't really match the curriculum,
... we heard it does, it’s because it’s following the
Common Core Standards, but then teachers can’t
see that. They want to see the connection, they
want us, and I think it’s just a matter of us coming
together and seeing that alignment.”

a. The theme “Multi-tiered system of supports implementation” was the only theme to which two of the eight school leaders who participated in the member

checking did not provide a response indicating agreement or disagreement that the theme matched their experience (see appendix B). This applies to both theme
codes. Because more than half of interviewees reported agreement with this theme, the study team included it among the final dataset used to generate findings.
Source: Codebook developed by the study team based on interviews conducted in 2024 with elementary school leaders in the Commonwealth of the Northern

Mariana Islands Public School System on Tier 2 interventions.
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